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Research Progress in Forest Information Extraction Based

on Multi-source Data Collaboration Operation
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Abstract ; Traditional forest inventory methods are gradually being replaced by emerging remote sensing
technologies such as LiDAR, optical remote sensing and satellite remote sensing. As the research goes
deeper, the use of single remote sensing data source are often difficult to meet the needs of high-precision
forest information extraction. This paper is focused on LiDAR and uses various remote sensing technologies
such as photogrammetry, hyperspectral remote sensing and satellite remote sensing to discuss the research
progress in the collaborative operation of different remote sensing technologies in forest information
extraction. Compared with a single data source, multi-source data collaborative operations have significant
advantages in the areas of forest structure parameters extraction, biomass estimation and tree species
identification. At the end, based on the current research work, the future development trend of multi-source
data collaborative operation mode is prospected in terms of data acquisition cost, acquisition method, multi-
source data fusion, supporting software and system construction.
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