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Prediction of Fuel Consumption in PAP Based on GM-BP
WANG Zhenlong' , ZHOU Likun®, SHEN Yanlin®, CUI Yun'

(1. Postgraduate Group, Logistic University of PAP, Tianjin 300309, China;
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Abstract; The paper puts forward a demand forecast algorithm based on GM-BP and establishes
combination forecasting model based on GM-BP to predict fuel consumption. Firstly, it forecasts fuel
consumption with grey model and gets a set of deviation sequence. Then, it trains deviation sequence with
BP neural network and obtain updated deviation sequence. Finally, the two forecast results are added
together as the forecast result of oil consumption prediction in PAP. The result shows that the forecast
model based on GM-BP has high forecast accuracy and has a reference value on oil consumption prediction
in PAP.
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