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[ Abstract | Objective To investigate the value of CT radiomics for preoperative prediction of gastric cancer
lymphovascular invasion. Methods  Totally 181 patients with gastric cancer confirmed by surgical pathology were
retrospectively collected and randomly divided into training set (n=120) and verification set (n=61). Firstly, the tumor
area was delineated and segmented, and the radiomics features were extracted based on enhanced CT venous phase images.
Then, the training set was used to screen features associated with lymphovascular invasion, and a radiomics signature was
built. Finally, the model was validated based on the verification set, and ROC curve and calibration curve were used to
assess the model's predictive power and fit assessment. Results Seven radiomics features most relevant to lymphovascular
invasion of gastric cancer were extracted and used to build the radiomics signature. The AUC of the training set was 0. 742
(P=0.001, 95%CI [0.652, 0.831]), of the verification set was 0.727 (P=0.002, 95% CI [0.593, 0.853]). The
optimal threshold based on the training set was 0. 422. The accuracy. sensitivity and specificity of the model in the training
set was 0. 708, 0.586 and 0. 806, respectively. This threshold was used for the verification set with accuracy., sensitivity,
and specificity of 0. 689, 0.519 and 0. 824, respectively. The calibration curve showed that the radiomics signature had a
good fit in both the training set and the verification set (both P>>0. 05). Conclusion CT radiomics can be used as a novel
non-invasive imaging method for preoperatively predicting lymphovascular invasion in gastric cancer.
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