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Research progresses of radiomics in gastric cancer

LI Qiying, ZHANG Guangfeng, WANG Xinru, LIU Jiaying, LIU Yi"
(Department of Radiology, the First Hospital of China Medical Universily,
Shenyang 110001, China)

[Abstract] Radiomics is a flourishing field for capturing deep potential information of images, which can assess lesion
characteristics quantitatively and detect unknown imaging message more detailed than visual sight. In recent years,
radiomics has been gradually applied to the study of histopathological grading, tumor staging prediction, differential

diagnosis, the rapeutic efficacy and prognosis evaluation of gastric cancer. The research progresses of radiomics in gastric

cancer were reviewed in this article.
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TR MR )Z B A (computed tomography, CT)

% 212 CT (multiple-slice CT, MSCT)

ZH i CT (multi-detector CT, MDCT)

B3 3% CT (high resolution CT, HRCT)

2 CT(volumetric computed tomography, VCT)
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1 e % 1% (magnetic resonance imaging, MRD)
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% - 1 ® & (multi-planar reconstruction, MPR)
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ZFBUFL B (volume rendering, VR)

2 A8 # (volume reconstruction, VR)

il 1 B 2H (curved planar reformation, CPR)

i 15 2 ¢ (curved planar reconstruction, CPR)
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