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[Abstract]

worldwide. Early detection and accurate diagnosis can improve the survival rate of the patients with prostate cancer and

Prostate cancer has become one of the most common malignancies threatening men's health in the

reduce the cost of treatment. With the development of various examination techniques, magnetic resonance imaging in
prostate continues to show its unique advantages, and now the development of MRI tends to be multi-parameter magnet-
ic resonance imaging (mp-MRI). Since precision imaging medicine was put forward, radiomics technology that meets its
essential requirements has developed rapidly, and has played an active role in the detection and differentiation, classifica-

tion and staging, prognosis of recurrence and evaluation of efficacy of prostate cancer. This paper reviews the application

of mp-MRI-based radiomics in prostate cancer.
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