535 B4 4 ] HEMFERXFEFER Vol. 35 No. 4
2018 4E7 H Journal of University of Chinese Academy of Sciences July 2018

X EHRS:2095-6134(2018)04-0550-11

ETEESFSFINKREAFZIN

N 1 = 22 = 37 2 3
Farse't ImwiE s 2RO

(1 P THR2EBE, AAC 2300375 2 d6)5 & MFFE AT, et 1000835 3 b ERLABe O BRAFZT AT, dbat 100101)
(2017 4E3 J1 2 HicHi; 2017 4E5 7 4 Hiksekks)

Zheng J H, Guo S Z, Gao L, et al. Microblog users’ Big-Five personality prediction based on multi-task learning[ J].
Journal of University of Chinese Academy of Sciences, 2018 ,35(4) :550-560.

W OE RN FNER P MARSTN T EEXABES S RSB MLEF T %, X
K E RS MEFZ B WA RKE R, F AN AEI ?*ﬁ(%ﬁﬁ#?fﬁﬂ’ﬁﬂﬂ%ﬁi%ﬁ’ﬂﬁ
ME R, RUETEHSESHF IR MBI P AT KT AT, %ﬁ/l\ff%z
By R Bk fE B, X BRI B AR TS, S BUE R AT B 0 R A & ’r@lﬁfrﬂfer““lﬁ
e L/ L, 36 Bcae AT I8 T B4y 5K, 45 17 AL 4% Al O Sk AR AR Ak 17 L LLE?%%E/W%W%
PR SEAT 7 R RO BN B, 5 AN 4 BB P 2 IR AR R OB R R A P g R 4 B 3K E
67.3% \71.5% #174.6% ,Fl ot §AMFAKEE LRBRER N R EHFI T EMSESH ¥
TEHATRE, ERRARAXRUWETERLELHF I F RO TMERME T HEIUM T &,
RER R ARTN; 2 E5F 3850 TIKE

FE S ES:TNI1. 22 XHkFRERD A doi:10. 7523/j. issn. 2095-6134. 2018. 04. 019

Microblog users’ Big-Five personality prediction based on
multi-task learning
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3 Institute of Psychology, Chinese Academy of Sciences, Betjing 100101, China)

Abstract Most of traditional prediction methods of social network users’ personality are based on
single-task classification or regression machine learning. They ignore the potential related
information between multiple tasks, and are very difficult to get admirable prediction results based
on small scale training data. In this paper, a robust multi-task learning method ( RMTL) is
proposed to predict Big-Five personality of Microblog users, and it can not only share the task
relations, but also identify irrelevant ( outlier) tasks. The model is first decomposed into two
components, i.e. , a structure and an outlier, and then the nucleus norm and L,/L, norm are used
to constrain the regular term so as to solve the optimization problems. With Sina Microblog users’
data, we validate the RMTL method, and the average correct rate, average precision rate, and

average recall rate of the five dimensions are 67.3% , 71.5% , and 74.6% , respectively. The
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RMTL method outperforms the 4 single-task learning methods and the multi-task learning.
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Table 1 Correlation coefficients between the data

feature and Big-Five personality of Sina Microblog users

e HAYE  ORFHE ShEtE TREEE W&

R 0.049  0.009  0.198*  0.023  -0.080"
EEI %0 -0.023  -0.019  0.031 0.055 0.063 *
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W 0.005 -0.049* -0.034  -0.006 0. 066 **
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I 4 0.014 -0.007  0.018 0.065* -0.016
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