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Fingerprint Classification Based on LBPV
(Local binary Pattern Variance)
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Abstract :In the scale of fingerprint database is increasing, fingerprint classification is crucial
for improving the speed and accuracy of fingerprint recognition.This paper presents a method
based on the fingerprint texture ,and divides the fingerprint image into five categories.According
to the core points,a fingerprint image is divided into four regions,each region is modeled with
the distribution of the local binary pattern variance (LBPV') values,and then it is classified by
KNN classifies.Experiments verify that the method has good classification performance.
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Fig.1 The process of this paper algorithm
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Fig.2 The marked pattern area in enhanced

fingerprint image
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Fig.3 The extraction process of LBPV histogram
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Table 1 Fingerprint classification result

( Training fingerprints are from f0001 to £2000)
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Table 2 The performance of partial fingerprint classification algorithms
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Table 3 Comparison of the fingerprint classification algorithm’s complexity
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