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Abstract: In the data fusion system, sensor biases lead to systematic deviation of the position states of targets
reported to the fusion center. If sensor biases could not be estimated and compensated correctly, the fusion system
will fail to achieve the expected performance superiority. However, the starting point of sensor bias estimation is
the overdetermined equations construted on the biasis of data association. In the complicated environment, with
the presence of interference factors such as random errors, sensor biases, false alarms and missed detections, the
data association module outputs some misassociations inevitably. In view of the multisensor bias estimation
problem under nonideal association, the robust estimation approach based on the least trimmed squares is
proposed. Furthermore, the reweighted least squares apporach through eliminating abnormal equations is
presented. Compared with the least squares and the least median of squares, the proposed approaches can not only
ensure the robust performance on bias estimation, but also are less sensitive to random errors. Simulation results
verify the effectiveness of the proposed methods.
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