$38% H 2
2016 4F 2 J

Vol. 38 No. 2
February 2016

ARG TR THA

Systems Engineering and Electronics

X EHS:1001-506X(2016)02-0347-05

ZHNESE TEREWMEERGEHNMEEEREREK
I ORY, 2 OFY

(. &Ik AFEFE¥IK, B8 &M 230009; 2. 4T L RFHFFKR., 24 &L 230009

H B ASEBENARRTALEMELAR . EXTRAXZ . 2B TAAFERLGHAER AL T L
MRALE R EERVGFELASEA . AL TRAEMNGEREIRTFRALERANGERT . 2LT 54
BEAREMERZAGBEETLE K AE AR S EREEGRR P AMBANT L A AN LG R,
RGBS — AT L T AL ke B S A RO,

KEW: s uEaRE; ALEMELAL; BRETRE; BRE

mES%ES: TP 18 XEktRERG: A DOI:10. 3969/j. issn. 1001-506X. 2016. 02. 16
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Abstract: The intuitionistic fuzzy information system (IFIS) is further investigated from the point of multi-granu-
lation. The optimistic model as well as the pessimistic models are proposed by dominance relation. Then not only their
properties are researched but also the differences and relationships between single-granulation and multi-granulation
model are discussed. Moreover, the certainty factor of the decision rule and the acquired method are then given. The
attribute importance degree in the multi-granulation intuitionistic fuzzy decision system is defined and applied in multi-

expert decision to make up for the deficiency of the single-granulation model. Finally, a numerical example is given to
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demonstrate the correctness and effectiveness of the proposed method.
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