$38% HoH EREEIRFER 2017 46 A
[(EERZSEHTIE] doi: 10. 11809/ schgxh2017.06.019

E T LexRank P X B EHFHEF %
/g??" ’ gi,‘ 233
(R TR 2R [FE TR A, LA 100072)

FEE 0 H AT SC A Bl SO B0k B AR AR ) 1) A5 A B AR ST TR R R AR AR
ANIE B BRSO B AR T — NG R TSR SO 220595 5 12071548 LexRank 5834 5 VSM #1455, 5850 5 JEHF ik
T RPHER) R B AN B R java i 5 0 EAT SC B0 I, SCIR AR AR« ek 1 A S SCA R 2k e 4t
THEET5 R HUREAS B4 A S BN SCEE Y B Sl B I 2007 15 T R B 5 S A2 5 B0 28 ff R 51 AR 0U, 73
A5 B2 B R I BRSSO S A

KA : SCA 2 s LexRank 9% ; VSM; 3

A5 AER XN, 5KER. 25T LexRank ) SCHRSCRIHET L [T ] IR Ane 4 TRE2A41Z,2017(6) :85 - 89.
Citation format.LIU Hai-yan, ZHANG Yu. Chinese Single Document Summarization Based on LexRank [ J]. Journal of
Ordnance Equipment Engineering,2017(6) :85 —89.

HhE 535 TP393 X ERFRIRAG: A X EHHS 12096 —2304(2017)06 —0085 - 05

Chinese Single Document Summarization Based on LexRank

LIU Hai-yan, ZHANG Yu

(1. Department of Information Engineering, Academy of Armored Force Engineering, Beijing 10072, China)

Abstract: Chinese automatic text summarization mainly uses the method based on key words’ frequencies,
the method based on physical location and the clustering statistics method at present, but the accuracy is
low, besides, they are not suitable for the single document summarization. To solve these problems, an
improved Chinese single document summarization is mentioned. This improved method combines LexRank
algorithm with VSM, and takes full account of factors, such as key words, key sentences and key
paragraphs’ physical location. Then this designed method is tested by using java language. It turned out
that the improved automatic text summarization method can achieve the automatic summarization of the
article better than the traditional abstract ones. This summarization method can also be applied in the fields
of information mining, information classification, information indexing and else. In this information
society, this method has a high practical significance and practical value.
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