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Abstract:  Aiming at the problem that current nondestructive episode rule mining algorithms don’ t consider the relationship

between episode rules and generate redundancy, we model the relationship among the episode rules by using deduction characteris-
tic, and introduce the concept of non-redundant episode trace rules. We also analyze reasons for episode trace redundancy, and pre-
sent the generalized non-redundant episode rules mining algorithm based on the redundant checking on maximum overlap items.
Then we prove that generalized non-redundant episode rules keep the equivalent expression ability to episode rules. Theoretical anal-

ysis and experiments demonstrate this algorithm improved the quality of generatedepisode rules with almost the same efficiency.
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1. result = empty

2.Find ge’ in ge which ge’ has the same item in ee
3.For each gl and g2 in ge’

4. If gl can project to g2

5. Delete g1 in ge’

6. If g2 can project to gl

7. Delete g2 in ge'
8. Delete ge’ in ge//ARBIMME W HIAEMFIIAILES ge IFLBR ge P
FLR

9. Find gee in ge which gee can project to ge' //R 1} ge FHITT W LE
7

10. Delete gee in ge

11.Find ee’ in ee which ge’ can project to ee//KH ee T B ge H1TT
EXe 2 ey

12. Delete ee’ in ee

13. For each g1 in gee and g2 in ge’ and el in ee’

14. If g1 can project to g2 and g2 can project to el

15. r = project( g1, g2)

16. a = contact(gl,r)

17. If a.sup/g. sup > = minconf

18. result.add(gl,r,a. sup,a.sup/gl. sup,a.w)

19. r = project( g2, el)

20. a = contact(g2,1)

21. If a.sup/g. sup > = minconf

22. result . add( g2, 7, a. sup,a. sup/g2. sup,a. w)
23.For each f in ee and g in ge

24. If g can project to f

25. r = project( g, )

26. a = contact(g, r)

27. If a.sup/g. sup > = minconf

28. result . add( g, r,a.sup,a.sup/g. sup,a.w)

29. Return result
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