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Compressed Sensing Algorithm Fused the Cosparse Analysis
Model and the Synthesis Sparse Model

LIAN Qiu-sheng, HAN Min,SHI Bao-shun, CHEN Shu-zhen
(School of Information Science and Engineering , Yanshan University , Qinhuangdao , Hebei 066004 , China)

Abstract: How to improve the reconstructed image quality using more prior knowledge of the image is still a crucial
issue of compressed sensing. In this paper,we combine the synthesis sparse model and the cosparse analysis model proposed
in recent years,and propose a novel reconstruction algorithm based on the sparsity of the image over a synthesis dictionary
and an analysis dictionary. Moreover, alternating direction method of multipliers (ADMM) is exploited to solve the corre-
sponding complicated optimization problem. To further improve the performance, the sparsity of patches in any position of
the image is utilized by the proposed algorithm. The experimental results show that our algorithm can effectively improve the
quality of image reconstruction.
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