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Abstract: A novel neural network model named fuzzy lattice constructive morphological neural network (FL-CMNN) is
presented to overcome the deficiency of the original constructive morphological neural network(CMNN) , which suffers for the prob-
lem of decision function in classification phase. The fuzzy lattice inclusion measure function is introduced to calculate the member-
ship of testing sample belong to the hyper-boxes trained by the CMNN. Three standard datasets are employed to evaluate and com-
pare the presented FL-CMNN with the CMNN, artificial neural network( ANN) , support vector machine(SVM) and K nearest neigh-
bor( KNN) classifiers . Experimental results have revealed that the presented FL-CMNN yields better performance than the original
CMNN model. It also achieved comparative classification accuracies with much lower computational cost than traditional ANN and

SVM model.
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KNNC - 0.3687 87.2 80.8
BP-NN 24.4906 0.1053 86.8 81.2
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KNNC - 0.1282 71.5 74.8
BP-NN 14.176 0.1324 75.25 74
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