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Abstract:

per proposes an image scene classification algorithm based on multi-scale and contextual semantic information. Firstly, Images are

The conventional BoVW neglects image multi-scale and contextual semantic co-occurrence information. This pa-

decomposed into variant scales and diverse visual details are extracted from different scale layers. Secondly, a density-based adaptive
selection method is employed to choose the best topic number of probabilistic latent semantic analysis model. Then, Markov random
field are combined to mine the contextual semantic co-occurrence information, thus to obtain a multi-scale histogram as the image
representation. Finally, the support vector machine classifier is utilized to perform scene classification. The experimental results

demonstrate that our algorithm can effectively utilize the multi-scale and contextual semantic information of images and improve im-

age scene classification performance.
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