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Abstract:

Compressed sensing is a theory for signal description, sampling and reconstruction, the core issues of which are se-

lection and construction of measurement matrix as well as reconstruction algorithm. This paper firstly presents the definition of sens-

ing matrix with power average column coherence, and gets the preferential principle of measurement matrix according to the power

average column coherence; then a construction algorithm of measurement matrix based on equiangular tight frame (ETF) and ap-

proximation method of eigenvector is proposed to decrease column coherence of sensing matrix. Experimental results show that the

proposed algorithm decreases the coherence of sensing matrix efficiently. Meanwhile, the proposed algorithm obtains lower recon-

struction error ratio compared with Gaussian, Elad’ s, Xu’ s, and Vahid’s method with the same reconstruction algorithm.
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