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A B S T R A C T

Using individual-level data on males from the 1988–91 National Health
Interview Survey Multiple Cause of Death Files, we examine the impact of
relative deprivation within a reference group on health. We define reference
groups using combinations of state, race, education, and age. High relative
deprivation in the sense of Yitzhaki is associated with a higher probability of
death, worse self-reported health, higher self-reported limitations, higher
body mass index, and an increased probability of taking health risks.

I. Introduction

In 2001 the United States’ per capita health care expenditures totaled
about $4,887, first overall and 47 percent more than the second highest spending
country in the OECD. In spite of this spending, the United States performs poorly in
aggregate measures of population health. Among OECD countries, the United States
ranks 20th in both women’s and men’s life expectancy, and the United States has the
sixth highest infant mortality rate in the developed world (Organization for Economic
Cooperation and Development 2003).1 These numbers, as well as other evidence, sug-
gest that—at least in developed countries—money and health are not as closely linked
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as one might guess.2 One contentious explanation for the weak relationship between
income and health at the aggregate level is the “relative deprivation” hypothesis,
which argues that individuals are adversely affected when they perceive themselves to
be economically deprived relative to their peers. The relative deprivation hypothesis
is distinct from more traditional models that argue an individual’s health is a function
solely of his or her underlying characteristics, such as own income, education, and
race. According to the relative deprivation hypothesis, an individual’s health is also a
function of the incomes of others in his or her reference group. It is typically assumed
that a person’s health is negatively related to the income of others, so that as person j
becomes richer, person i’s health deteriorates. Low relative income may cause stress
and depression, conditions that may raise the probability of contracting a disease or
increase the tendency to engage in risky behavior.

While the concept of relative deprivation has existed in the economics literature for
years (Duesenberry 1949; Yitzhaki 1979; Frank 1985), interest in the link between
relative deprivation and health is heightened by a group of studies that link income
inequality to population health. Income inequality can be seen as a proxy for dep-
rivation, in that as inequality increases, the gap between the “haves” and the “have-
nots” grows, and the overall deprivation in society increases. However, income
inequality could influence health independently of relative deprivation, and most of
the current literature does not attempt to disentangle the two effects. At the aggregate-
level, income inequality seems highly correlated with public health measures such as
mortality rates (Kaplan, et al. 1996; Kennedy, Kawachi, and Prothrow-Stith 1996;
Wilkinson 1996). Studies that use individual-level data find less support for the income
inequality hypothesis (Daly, et al. 1998; Mellor and Milyo 2002; Sturm and Gresenz
2002; Fiscella and Franks 1997). To date, few studies use individual-level data to
focus specifically on the relative deprivation hypothesis.

In the first part of this paper, we use restricted-use micro-level data from the
National Health Interview Survey Multiple Cause of Death Files (NHIS/MCOD) to
investigate the relative deprivation/mortality link. We define reference groups using
a combination of characteristics including state of residence, age, race, and education.
Our results indicate that, even after controlling for reference group effects and indi-
vidual income, relative deprivation is positively associated with an individual’s prob-
ability of death. Relative deprivation is also positively linked to cause-specific
mortality, notably for deaths due to tobacco-related cancers and coronary heart dis-
ease (CHD). In many cases, relative deprivation has a stronger impact on health than
own income. While relative deprivation is consistently linked to poor health, mea-
sures of relative performance such as centile rank and z-score have an inconsistent
impact on health.

The finding that relative deprivation has a large impact on deaths linked to smok-
ing and CHD is suggestive, mainly because these two causes of death that are highly
related to behavior. One theory relating relative deprivation to health outcomes argues
that individuals respond to the stress, hostility, and low self-esteem caused by relative

2. Some argue that the weak link between income and health is due to the fact that there are diminishing
returns to investment in health, and that the United States is operating on the flat of the curve. However, this
does not explain why health outcomes in the United States are worse than those in other developed countries.
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deprivation by engaging in health compromising behavior. Wilkinson explains
“among the many ways people respond to stress, unhappiness and unmet needs, one
is to increase their consumption of various comforting foods . . . including alcohol and
of course tobacco” (pp. 185–86). The notion that relative deprivation increases the
probability of taking health risks is consistent with evidence that individuals of low
socioeconomic status tend to smoke more and exercise less than their peers (Lynch,
Kaplan, and Salonen 1997; Lantz, et al. 1998). In the second part of this paper, we use
data from the National Health Interview Survey (NHIS) and the Behavioral Risk
Factor Surveillance System (BRFSS) to explore whether relative deprivation is asso-
ciated with health-compromising behavior. Using a number of outcomes including
smoking, seatbelt use, body mass index, and propensity to exercise, we find that rel-
ative deprivation in the sense of Yitzhaki is consistently linked to the probability that
an individual engages in risky behaviors. Although we control for individual charac-
teristics and reference group fixed effects, we cannot rule out the possibility that part
of the relative deprivation effect is driven by unobserved factors correlated both with
low income and poor health.

II. Background

A. The Income Inequality Hypothesis

In a 1992 paper and a subsequent book, Wilkinson (1996) argues that there is a neg-
ative correlation between income inequality and average life expectancies across
countries, and that this relationship cannot be attributed to omitted country-specific
factors such as diet and exercise. Subsequent studies show a similar correlation
between income inequality and health across different countries, the U.S. states, and
smaller geographic regions such as MSAs (Waldmann 1992; Kaplan, et al. 1996;
Kennedy, Kawachi, and Prothrow-Stith 1996). These studies argue that relative dep-
rivation could explain the relationship between income inequality and health. For
example, Wilkinson (1997) writes, “. . . income inequality summarizes the health burden
of individual relative deprivation.”

However, critics raise concerns about the methodology in the income inequality
and health data. As demonstrated by Gravelle (1998) and Rodgers (1979), if the rela-
tionship between individual health and individual income is concave, there may be
a spurious correlation between income inequality and mortality at the aggregate level.
The concave relationship between income and health leads to what is known as the
“ecological fallacy,” where inequality erroneously appears to have a causal impact on
mortality rates. A second concern about much of the aggregate-level inequality/mor-
tality literature is that many studies leave potentially important cofactors out of the
analysis (Daly, et al. 1998). This concern is heightened by the fact that geographic
regions with high inequality appear to be quite dissimilar from areas with low inequal-
ity. Within the United States, income inequality and mortality are generally highest in
Southern states. In contrast, low inequality/mortality states include Vermont, Utah,
and Hawaii, where social norms and behavior may be very different from the rest of
the country. In these cross-sectional models, the inequality coefficient may be captur-
ing state-specific omitted effects, such as healthier lifestyles in Utah.



Several recent papers that explore the income inequality hypothesis using individ-
ual level data find no evidence for a link between income inequality and poor health
outcomes (Mellor and Milyo 2002; Sturm and Gresenz 2002; Fiscella and Franks
1997; Daly, et al. 1998). This flurry of negative findings has led many to conclude that
the evidence for a relationship between income inequality and health has disappeared.
In a 2003 summary of the literature, Deaton writes that “. . . it is not true that income
inequality itself is a major determinant of population health. There is no robust corre-
lation between life expectancy and income inequality among the rich countries, and
the correlation across the states and cities of the United States is almost certainly the
result of something that is correlated with income inequality.”

What’s interesting about the early appeals to relative deprivation in the context of
the income inequality literature is that inequality and relative deprivation measure two
fundamentally different things. Clearly these two variables are related—areas with
high income inequality have higher average relative deprivation. For example, using
a definition of relative deprivation based on Runciman (1966), Yitzhaki (1979) shows
that total relative deprivation in a reference group is simply mean income times the
Gini coefficient. However, income inequality is a group measure while relative depri-
vation is specific to the individual. Two people living in the same state or country are
exposed to the same measure of group inequality, yet these two people can have vastly
different measures of relative deprivation. Although recent studies cast doubt on the
relationship between income inequality and health, to date few studies look specifi-
cally at relative deprivation. Our paper contributes to the existing literature in several
different ways. First, we focus specifically on the relative deprivation hypothesis.
Second, we define reference groups using not only state of residence but also other
demographic characteristics such as age, race, and education. Finally, while we are
able to use mortality as one of our key outcomes, we also examine a number of other
health outcomes and health related behaviors, such as smoking.

B. Pathways Linking Relative Deprivation and Health

Wilkinson (1997) suggests that relative deprivation influences health primarily
through psychosocial stress that affects those with low relative incomes. Individuals
who feel they are economically disadvantaged compared to their peers may be
depressed and disgruntled, conditions that affect health both directly (via heart dis-
ease, high blood pressure, and suicide) and indirectly (via increased smoking, poor
eating habits, and alcohol abuse). The relative deprivation hypothesis is distinct from
the absolute income hypothesis in that individuals with high absolute income can be
relatively deprived, as long as their peers are better-off than they are. Thus, a lawyer
may be wealthy in an absolute sense, but deprived in a relative sense.

There is biological evidence to support the notion that relative status plays a role in
both psychological and physical health. Studies indicate that socially subordinate
monkeys have worse health outcomes than dominant animals (Shively, et al. 1997;
Sapolsky, et al. 1997; Cohen, et al. 1997; McGuire and Raleigh 1985). Although some
studies suggest the relationship between rank and primate health persists even
after the hierarchy of the monkey troop is scientifically altered, the nature of causal-
ity has not been conclusively established. Nevertheless, social scientists draw paral-
lels between research on primates and the potential relationship between relative
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income and health in humans (Frank 1985; Wilkinson 1996; Cohen, et al. 1997).
Further evidence of the harmful effects of relative deprivation is found in the
Whitehall study that tracked the mortality outcomes of members of the British Civil
Service. Evaluation of ten-year age-adjusted mortality rates reveal that the lowest-
ranking civil servants were three times more likely to die than the highest-ranking
civil servants (Marmot, et al. 1984; Marmot 1986). Although these results are not
adjusted for income or education levels, even the lowest ranking civil servants were
employed and had access to nationalized health care. The cause of the health differ-
entials found in the Whitehall study is unknown, but one untested theory is that part
of the mortality difference between the highest and lowest civil service grades might
be driven by relative deprivation.

III. Constructing Measures of Relative Deprivation

The seminal definition of relative deprivation is accredited to Runciman
(1966), who argues that an individual is relatively deprived if:

(i) He does not have X, (ii) he sees some other person or persons, which may
include himself at some previous or expected time, as having X (whether or not
this is in fact the case), (iii) he wants X, and (iv) he sees it as feasible that he
should have X.

Thus, we feel relatively deprived if others in our reference group possess something
that we do not. While the object of deprivation (X) could be measured using any num-
ber of attributes (physical strength, attractiveness, intelligence, personal possessions),
we follow others in defining X as income (Yitzhaki 1979, Hey and Lambert 1980,
Berrebi and Silber 1985).

Our starting point for measuring relative deprivation (RD) is based on Runciman’s
definition and subsequent theory developed by Yitzhaki (1979). For a person i with
income yi who is part of a reference group with N people, Yitzhaki’s measure is
defined as:

( ) ( ) >RD
N

y y y y1 1
i j j i j i6= -R

This measure posits that relative deprivation for person i is driven by the incomes of
people who earn more than yi.3 The summation in Equation 1 is divided by the num-
ber of people in the reference group (N) to make the measure invariant to size. Dividing
by N can also be interpreted as adjusting for the probability of making a comparison.
If income for person i is thought of as a draw from a distribution, the relative depriva-
tion measure in Equation 1 can be rewritten as:

(2) RDi = [E(y⎪y > yi) − yi]* prob (y > yi)
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3. Yitzhaki proposes an analogous relative satisfaction metric that is equal to µ-RD. Because we are using
reference-group fixed effects, this measure is a linear combination of the fixed effect and the relative depri-
vation measure. A second potential measure of relative satisfaction, {yi − E(y⎪y < yi)}*prob (y < lnyi), is a
linear combination of RD, yi, and µ.



Intuitively, Yitzhaki’s relative deprivation measure is equal to the expected difference
between i’s income and the expected income of those with incomes greater than yi,
times the probability that income is greater than i’s income.

One concern with the measure in Equation 2 is that it does not take into account
differences in the scale of the income distribution across reference groups. In other
words, if everyone’s income doubles, RDi will double as well. This would certainly
be a problem if we were looking at relative deprivation over time and incomes were
unadjusted for inflation. Since we deal with cross-sectional data, it is not clear
whether we should be concerned about the scale of the reference group income dis-
tribution. If people view within-reference group income differences in proportional
terms, then RD will overstate the relative deprivation of individuals in high-income
reference groups. But if absolute differences within reference group matter, then
RD is appropriate. The latter scenario would make sense if everyone uses a common
yardstick to measure relative deprivation (say average U.S. income), but comparisons
are only made within reference group.

Since it is plausible that people measure relative deprivation in proportional terms,
we construct an additional measure of relative deprivation that does not vary with the
scale of the reference group income distribution by substituting ln(yi) and ln(yj) into
Equations 1 and 2. If we assume that income is log-normally distributed, we can use
the properties of the truncated normal distribution to find a closed form solution to
Equation 2:

( ) {
( )

( )}*( )ln FRD of logs y3
1

1i r
i

r i
i i= +

-
- -n

v z
U

= G

Where µr and σr are the mean and standard deviation of log income for reference
group r, Φi and φi are evaluations of the standard normal CDF and PDF at [ln(yi)−
µr]/σr, and Fi is the CDF evaluated at yi. The specification in Equation 3 is conven-
ient because we can now solve for i’s relative deprivation if we know i’s income
and the mean and standard deviation of the logs of the reference group income
distribution.

We also include two measures of economic performance that are correlated with
relative deprivation but instead, measure economic standing relative to the reference
group. The first measure of relative performance is the individual’s centile rank within
the income distribution, where income is sorted in ascending order. While the two
Yitzhaki-based relative deprivation measures discussed above presume that the dis-
tance between yi and yj matters, the primate studies discussed in Section III empha-
size rank over distance. Centile rank captures the ordinal spacing between individuals,
but unlike the Yitzhaki-based measures, centile rank is not affected by changes in the
shape of the income distribution. Although centile rank does not reflect differences
in income inequality across groups, it is closely related to relative deprivation. Centile
rank it is equivalent to (1−p(y > yi)), the inverse of the second term in Equation 2.

A second measure of relative performance is the individual’s z-score, which quan-
tifies the number of standard deviations the individual’s own income is above (or
below) the reference group mean. Formally,

( )
( )

z
y y

score4
r

i r

r

i

r

r- =
-

= -v
n

v v
n

d dn n
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where µr and σr are the reference group mean and standard deviation. While this meas-
ure captures distance, it is different from the Yitzhaki-based measures in that it is sen-
sitive to changes in the income distribution below the individual’s income. Further,
while average Yitzhaki-based relative deprivation increases as income inequality goes
up, the mean and standard deviation of z-score are insensitive to changes in the distri-
bution of income.

IV. Reference Groups

In order to address the relative deprivation hypothesis, one must con-
sider how individuals define reference groups. The social psychology literature sug-
gests that members of one’s reference group are typically selected on the basis of
either similarity or geographic proximity (Singer 1981). While geographic proximity
is relatively easy to determine, “similarity” is a more nebulous concept. Various stud-
ies report that individuals define reference groups along demographic lines such lines
as sex, education, and race (Merton and Kitt 1950; Singer 1981; Bylsma and Major
1994). However, it is well acknowledged that there is no perfect formula for deter-
mining reference groups. Critics assert that the “Achilles heel” of social evaluation
theory is the “failure to explain adequately how the relevant comparisons are selected
in the first place” (Pettigrew 1978; p. 36).

Perhaps because of the difficulty of determining reference groups according to
“similarity,” most studies dealing with health and inequality define relative depriva-
tion within the context of geographical location. U.S.-based studies of income
inequality and health typically use state or MSA of residence as the implicit reference
group. Restricting inequality measures to geographic boundaries makes sense if we
expect that inequality affects health through its impact on public investment in human
and social capital. However, if Wilkinson’s psychosocial pathways are the more prob-
able culprits, then it’s not clear that reference groups should be limited to geographi-
cal confines. Individuals may compare themselves to others of similar demographic
backgrounds, regardless of geographical location (Frank 1985). Deaton (1999)
addresses the issue of “similar circumstances” by using birth cohorts to define refer-
ence groups. In this study, we construct reference groups based on observable demo-
graphic characteristics such as state of residence, race, education, and age. Groups
defined using such characteristics do not necessarily constitute the unobservable true
reference groups. Yet, members of such groups have a high degree of similarity and
are likely to contain a high proportion of relevant reference people.

V. Empirical Analysis

A. Data

1. National Health Interview Survey and Multiple Cause of Death Files

Our primary sample is a restricted-use version of the National Health Interview
Survey Multiple Cause of Death Files (NHIS/MCOD). The NHIS is an annual survey
of the United States civilian noninstitutionalized population conducted by the
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National Center for Health Statistics, containing about 120,000 observations each
year. The NHIS person file includes a wide variety of demographic data (age, sex,
race, family income, etc.), as well as health-related information such as height,
weight, and self reported health status. Since 1986, NHIS respondents have been
tracked using the National Death Index, and information on decedents including year
of death, month of death, and cause of death is recorded in the Multiple Cause of
Death File (MCOD). After merging the MCOD information into the NHIS, we cal-
culate a binary indicator variable for whether or not the individual died within five
years of the survey, which we use to measure mortality.4 In addition to containing
information on deaths, the restricted-use version of the NHIS/MCOD contains data on
state of residence. Access to this information gives us an advantage in that we use
individual-level income data, explore mortality as our outcome of interest, and include
geography as part of our reference group definition.

In order to construct the relative deprivation measure outlined above, we need data
on the individual’s own income and information about the income distribution for the
reference group. The own-income measure used to construct relative deprivation is set
at the midpoint of the individual’s family income interval from the NHIS (for
instance, for the $0–1,000 category, income is set at $500). For the topcoded category
in the NHIS (income≥$50,000), family income is set at the reference group condi-
tional mean income given that income is greater than or equal to $50,000. This con-
ditional mean is taken from the Public Use Microdata Sample of the 1990 Census
(PUMS). Rather than rely on data from the NHIS to construct measures of relative
deprivation, we instead match income variables from the NHIS to household income5

data from the PUMS. The 1990 PUMS is the best available source of income data
because it has extremely large sample sizes and the income variable is continuous.
While household income is topcoded at a level that varies by state, topcoded individ-
uals are assigned household income equal to the median household income in their
state given that income is greater than the topcode value.6 We restrict our sample from
the PUMS to male householders and male spouses older than the age of 20,7 which
leaves us with a sample of 3,316,833. We then use this information to construct rela-
tive deprivation measures for each individual in the NHIS data set. Reference groups
are defined in four different ways: (1) state only, (2) state and age group, (3) state, age
group, and race, (4) state, age group, race, and education.8
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4. We impute month of interview using quarter and week of interview.
5. Although family income is recorded in the NHIS, the survey does not give guidelines as to what consti-
tutes a family. In the PUMS, families are defined as two or more related individuals living together. Single
people without children in the PUMS are assigned family income equal to zero because—technically—they
are not part of a family. Respondents in the NHIS clearly interpret family income differently because single
people in the NHIS report positive family income. Since family income is the only income variable available
in the NHIS and family income in the PUMS is not applicable for single people, we construct relative dep-
rivation using the household income variable in the PUMS and the family income variable in the NHIS.
6. Information on topcode imputations for each state can be found on the IPUMS website, http://www.
ipums.org/usa/volii/topcode_odd.html.
7. The sample is restricted to householders and spouses to avoid counting two observations from the same
household.
8. Age groups are recorded in five-year increments, 21–25, 26–30, etc. The final age group, 86 and older, is
open-ended. Race is defined as white non-Hispanic, black non-Hispanic, other non-Hispanic, or Hispanic.
Education is high school dropout, high school graduate, some college, or college grad.

http://www.ipums.org/usa/volii/topcode_odd.html
http://www.ipums.org/usa/volii/topcode_odd.html


Our final data set contains NHIS/MCOD observations for the years 1988–91
linked to measures of relative deprivation taken from the 1990 PUMS.9 We restrict
our sample to include men between the ages of 21 and 6410 who have nonmissing
data for family income, age, education, and race in the NHIS. The total number of
observations in our linked data set is 104,320. For the final regression analysis, we
only use NHIS respondents for whom the PUMS reference group contained at least
50 observations. This causes sample size to diminish slightly in the more stratified
reference groups.

2. Behavioral Risk Factor Surveillance System

As an additional source of data, we use information from the Behavioral Risk Factor
Surveillance System (BRFSS) for the years 1989–91 to examine health-compromis-
ing behaviors. Started in 1984, the BRFSS is an on-going telephone survey conducted
by the states and supported by the Centers for Disease Control (CDC). Households
are telephoned at random, and a series of questions are asked to a randomly selected
adult member of the household. While initially only 15 states conducted BRFSS sur-
veys, by 1990, 44 states and the District of Columbia participated.11 Together the
1989–91 BRFSS surveys contain 236,270 observations, but after limiting our sample
to men between the ages of 21 and 64, we have 73,085 records. In addition to basic
demographic data, the BRFSS contains measures of seatbelt use, exercise habits, body
mass index, and current and former smoking behavior. The BRFSS also contains data
on household income, which is reported as a seven-level categorical variable12 with a
topcoded value of $50,000. We use data from the 1990 PUMS to calculate the refer-
ence group income distribution, which we match to individual income information
from the BRFSS.

Table 1 reports descriptive statistics for both the NHIS/MCOD and the BRFSS
samples. We divide the basic relative deprivation measures in Equation 1 by 10,000
to make the subsequent regressions easier to read. The levels of relative deprivation
are highest and the variance lowest when reference groups are defined over states
only. This result is predictable; as reference groups become more similar, income
differences become less pronounced. We do not observe this trend in the relative
performance measures because they are, on average, insensitive to variance in the
income distribution. To get a sense of the magnitude of relative deprivation, if ref-
erence groups are defined using state of residence, Connecticut has the highest aver-
age RD/10,000 at 2.3, and South Dakota has the lowest at 1.1. For relative
deprivation of logs, Louisiana has the highest average at 0.50, and New Hampshire
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9. In the interest of confidentiality, a randomized state indicator replaces state identification codes after the
merge.
10. Women are excluded from the analysis because, since women are less likely to work than men, relative
income deprivation may be a less accurate measure of status for women than it is for men. We drop men
older than age 65 from our sample because income differences in the older age groups may mask substan-
tial differences in wealth. Unreported results indicate that relative deprivation has no effect on health for the
older-than-65 subsample.
11. States that did not participate were Alaska, Nevada, Wyoming, Kansas, Arkansas, and New Jersey.
12. The income categories in the BRFSS are: <=$10,000, $10,000–$14,999, $15,000–$19,999,
$20,000–$24,999, $25,000–$34,999, $35,000–$50,000, >=$50,000.
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has the lowest at 0.39.13 The descriptive statistics from the NHIS are comparable to
those of the BRFSS.

B. The Model

For our baseline results, we estimate the following equation:

(5) Mir = βo + β1 Rir + ∑
26

k=1
incomekir Θk + δr + Xir Γ + εir

Where Mir is a binary variable indicating whether the individual died within five years
of the NHIS interview, and i and r are subscripts for individual and reference group,
respectively. Rir is one of the relative income measures discussed above (RD/10000,
RD of logs, z-score, centile rank). To control for income independently of the relative
income effect, we add a complete set of dummy variables for the 27 income categories
in the NHIS. The independent income effect is captured in the term incomekir—this
term equals 1 if the individual’s income is in group k, zero otherwise.

The term δr is a reference group fixed-effect, meant to capture unobservable factors
common to all individuals within a reference group. Finally, Xir is a vector of dummy
variables that control for individual-specific characteristics such as age, education,
and marital status. Since we estimate Equation 5 for each of the 4 reference groups
described earlier, the set of variables that enter δr and Xir change depending on how
reference groups are defined. Specifically, Xir excludes age, race, and education when
these terms are fully identified by δr.

C. Results

1. Relative Deprivation and Mortality

In Table 2, we report the baseline results estimated from Equation 5, first for the logit
model and then for several linear probability models. For the logit model (Column 1)
Table 2 shows marginal effects as opposed to regression coefficients. Each cell in the
table shows a result from a separate regression. A comparison of Columns 1 and 2
demonstrates that results from the logit model are extremely similar to results from
the OLS model. For this reason, and because OLS models were easier to estimate
given the large number of fixed effects in our equations, we discuss OLS results only
for the remainder of the paper.14

Even after controlling for individual income and a number of covariates, the
Yitzhaki-based relative deprivation measure appears to be strongly related to the prob-
ability of dying. The relative deprivation effect varies depending on the measure
and how reference groups are defined, and the weakest effect is found where refer-
ence groups are broadly defined using state of residence. The coefficients are largest
in the state/age-group models, where a one standard deviation increase in relative

The Journal of Human Resources602

13. These statistics are based on the PUMS data, and exclude estimates for Washington, D.C.
14. When we run the models without the relative deprivation terms, we get the standard result that income
is negatively associated with mortality. For example, in a regression where we regress five-year mortality on
log income, a state fixed effect, and controls for individual characteristics, we find that a one log point
increase in income is associated with an 0.9 percentage point (36 percent) decline in the probability of death.
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deprivation appears to increase mortality by 1.4 percentage points (57 percent) in the
RD/10,000 model or 2.8 percentage points (115 percent) in the RD of logs model.
These results seem sizeable, but they are not inconsistent with other literature on
socioeconomic status and mortality. For instance, Marmot (1986), found that British
civil servants from the lowest socioeconomic class were three times more likely to die
than their high-status counterparts. It is also true that a one standard deviation move-
ment in relative deprivation is a large change. For RD/10,000, a one standard devia-
tion (1.2 point) increase is equal to the average difference in RD/10,000 between
Connecticut and South Dakota.

2. Relative Performance and Mortality

In contrast to the Yitzhaki-based results, both measures of relative performance are
positively related to mortality. The results for z-score might conflict with the Yitzhaki-
based results because z-score is picking up more than Runciman’s relative deprivation
effect. Looking at Equation 4, note that the measure of z-score for person i in refer-
ence group r can be written as two different components: yi/σr and µr /σr. This last
term is a constant for all members of the reference group and as a result, is captured
by the group fixed-effect in Equation 3. Therefore, the z-score model is identified by
including only one term in the regression: yi/σr. This term is essentially yi divided by
a measure of income inequality. The positive coefficient on z-score suggests that the
basic income/mortality relationship is steeper in areas with higher income inequality.

To verify this conjecture directly, we use data where reference groups are defined
using state/age/race/education15 to estimate additional models where we replace z-score
with the interaction of income and reference group inequality (results available upon
request). We estimate these regressions using three different income inequality mea-
sures: the Gini coefficient, the Theil index and the coefficient of variation. Recall that the
first-order effect of group inequality is captured by the reference group dummy variable
so we cannot add the measure of inequality directly to the model. In all three models the
interaction between income and income inequality is negative and precisely estimated,
suggesting that the marginal health benefit of an increase in income is greater in areas
with higher income inequality. A similar result is found in Deaton (1999). Therefore, it
is our suspicion that the z-score is not capturing the effects of relative deprivation, but
rather, detecting differences in the income/mortality gradient across reference groups.

The results from the centile rank model are perhaps more puzzling than those
for z-score, since as demonstrated in Equation 2, Yitzhaki’s measure is the
expected value of income given that income is greater than yi, multiplied by 
(1-centile rank). The discrepancy between the centile rank and the RD results sug-
gests that the RD results are driven by the distribution of income above yi. To test
this possibility directly, we decompose the log-based Yitzhaki measure16 into two
terms: {E[log(y)⎪log(y) > log(yi)]−yi} and p(y > yi). The latter term is equivalent
to (1-centile rank). Table 3 shows results found first by adding the terms into the

The Journal of Human Resources604

15. Because the results were generally not sensitive to the choice of reference group, we present results for
the state/age-group/race/education models only in the remaining sections of the paper.
16. We focus on logs rather than levels to ensure that our results are not driven by outliers in the tail of the
distribution.
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equation separately (Columns 1 and 2), then by including the relative deprivation
interaction term only (Column 3), next by including both terms as separate covari-
ates in the same regression (Column 4), and finally by including both terms and
relative deprivation together (Column 5). We consider the case where reference
groups are defined using state, age, race, and education.

There are several key findings in Table 3. First, inverse centile rank is always neg-
atively correlated with poor health, and the magnitude and statistical significance of
this result are stable regardless of whether we include [E(log(y)⎪log(y) > log(yi))−
log(yi)] or the interaction term in the regression. These results are consistent with
Table 2’s puzzling result that increases in centile rank are associated with increases in
the probability of death. Second, in Columns 2 and 4, the conditional mean income
term [E(log(y)⎪log(y) > log(yi))−log(yi)] is positively associated with mortality, sug-
gesting that, as the conditional mean income in the reference group rises, health
declines. But, when we add the interaction term (RD) to the model in Column 5, the
coefficient on the conditional mean drops by an order or magnitude and is no longer
statistically significant. In contrast, the relative deprivation term is precisely estimated
and similar in magnitude to our baseline results (Column 3). Moreover, for the median
individual, the effect of an increase in the conditional mean term is Column 5 is the
same as it is in Columns 2 and 4.17

The centile rank results can be better understood by considering two individuals,
both with the same level of income, but with different centile ranks. For a given mean
income, it must be the case that the individuals’ centile ranks differ because the vari-
ance in the distribution of reference group income differs for the two individuals.
Specifically, for individuals below the mean income, higher centile rank is associated
with higher variance. For those above the mean, higher centile rank is associated
with less variance. If we split our sample and run separate regressions for those above
and below the mean, we find that the positive centile rank effect is driven entirely by
those below the mean. For example, in the state/age/race/education models, the coef-
ficient (standard error) on centile rank for those below the mean is 0.0004 (0.0001),
while for those above the mean it is 0.0000 (0.0002). Thus, the seemingly counter-
intuitive results for the centile rank could simply be capturing a more general effect
of income inequality on health.

3. The Effect of an Increase in Income

Figure 1 presents the coefficients on the income dummies taken from Equation 5, for
the models in which reference groups are defined using state, age group, race, and
education. The five lines in Figure 1 show the income coefficients for regressions that
control for each of the four relative deprivation measures, plus the coefficients from
an additional regression with income controls but no relative deprivation term. These
coefficients demonstrate a positive association between income and mortality for indi-
viduals with incomes less than $6,500, a result that might arise from the fact that a
very small percentage of our sample has incomes in this range.18 Above $6,500

The Journal of Human Resources606

17. At the median, ∂Mir /∂E{[log(y)⎪log(y) > log(yi)]-yi}=0.039*p (y > yi)=0.039*0.5=0.20.
18. This anomalous finding might stem from the fact that only 4 percent of respondents have incomes less
than $6,500, and some of these are likely to be coding errors.
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income is protective in all but the RD of logs model, where an increase in income has
essentially no impact on the probability of death. However, these coefficients do not
fully illustrate the impact of income on health, because an increase in individual
income should have two effects. First, an increase in income decreases relative depri-
vation, which might benefit health. Second, an increase in income may have a direct
impact on health. A companion paper (Eibner and Evans 2004), demonstrates that—
when we evaluate the net effect of an increase in income in models that include rela-
tive deprivation—the relative deprivation effect in combination with the income effect
leads to a decrease in mortality. Further, models that include income only and models
that include both income and relative deprivation predict the same change in mortal-
ity for a given change in income.

An interesting implication of the results from the Yitzhaki-based relative depriva-
tion measures is that an upward shift in the distribution of income could have an
ambiguous impact on population health. By definition, increasing all incomes by
a fixed percentage will increase relative deprivation for most individuals. For example,
using the definition of relative deprivation in Equation 1, increasing all incomes by
10 percent will increase relative deprivation by 10 percent for all but the highest
income individual in each reference group (for whom RD is equal to zero). If relative
deprivation is a health hazard, then the increase in relative deprivation that accompa-
nies a general increase in population income could explain the weak link between
national income and population health. In Eibner and Evans (2004) we explore this
possibility in detail, and find that increasing incomes by 10 percent among all indi-
viduals is associated with 614 additional deaths over a five-year period. If we increase
income by 10 percent for individuals in the top half of the income distribution only,
total deaths increase by 1,693 over a five-year period.

4. Limitations and Sensitivity

An important limitation of this work is that we are unable to control for unobservable
“bad” characteristics that may be correlated with both mortality and with relative dep-
rivation. For example, an individual with a high discount rate relative to his peers may
spend less time working and more time engaging in risky behaviors (Fuchs 1982).
Unfortunately, we don’t have an experimental strategy that allows us to fully rule out
this type of explanation. However, we are able to control for a number of observable
characteristics, such as education, that might proxy for an individual’s discount rate.

A second concern is that our results may be sensitive to the way we construct rel-
ative deprivation (or relative performance) measures for topcoded individuals. The
income variable in the NHIS is topcoded at $50,000, and imputing the topcoded val-
ues using the conditional mean from the PUMS may provide a very rough estimate of
actual income. Thus, we estimated several models to ensure that our results were
unaffected by the way we imputed topcoded values. In one case, we interacted the rel-
ative income term with a dummy variable for whether or not the individual’s income
was topcoded. In other models, we used fixed incomes for all topcoded values.
Finally, we dropped all topcoded individuals and reestimated Equation 6. None of
these adjustments changed our basic conclusions.

Finally, we wondered if relative deprivation might have a different impact for indi-
viduals at the top of the income distribution than for individuals at the bottom.
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However, when we estimated separate coefficients for individuals above and below
the median income, we found no statistically significant difference in the relative
income effect for individuals above and below the median.

D. Can Relative Deprivation Explain the Link Between Inequality and Health?

A number of authors have demonstrated a statistically precise and quantitatively large
correlation between income inequality and health. Some of these authors have speculated
that this correlation may be attributable to the impact of relative deprivation. In this sec-
tion, we examine whether a positive correlation between inequality and mortality is pres-
ent in these data. We then add a measure relative deprivation to the regressions to see how
relative deprivation affects the relationship between income inequality and health.

We start by regressing a dummy variable for whether the individual died within
five years of the NHIS survey on mean income in the individual’s state and the state
Gini coefficient in household income (Column 1, Panel 1, Table 4).19 These results
show no association between state mean income and the probability of death, but
a positive association between the Gini coefficient and mortality. In Column 2 we
add the same controls used in Table 2, and in Column 3 we add fixed effects for the
individual’s census division of residence. We find that the state-level Gini coefficient
continues to be positively associated with mortality even after we add individual con-
trols and division fixed effects. Based on the results in Columns 2 and 3 of Table 4,
a one standard deviation (0.022) increase in the Gini coefficient is associated with
a 0.2 percentage point (8 percent) increase in the probability of death. Moreover, after
we add controls for individual characteristics, the mean income in the state is posi-
tively linked to mortality. This could be the result of relative deprivation; holding the
individual’s income constant, an increase in the affluence of others is associated with
worse health outcomes.

In Column 4 we add the relative deprivation of logs,20 with reference groups
defined using state, age-group, race, and education. In this regression, both the Gini
coefficient and the relative deprivation measure appear to be positively related to mor-
tality, though the coefficient on the Gini is now of borderline statistical significance.
After controlling for relative deprivation, mean state income is no longer associated
with a higher probability of death. Although the impact of relative deprivation is
slightly smaller than it was in Table 2, a one standard deviation (0.5) increase in rel-
ative deprivation is still associated with a 1.3 percentage point (53 percent) increase
in the probability of death. These results suggest that income inequality and relative
deprivation measure distinct phenomena. However, the results in Table 4 are not
directly comparable to the results in Table 2, since—due to the fact that the Gini coef-
ficient and mean income are measured at the state level—the regressions in Table 4
include a census division fixed effect rather than a reference group fixed effect.
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19. To avoid concerns about serial correlation in the error term caused by merging aggregate-level variables
into individual-level data we adjust for clustering at the state-level. Gini coefficients of household income
are calculated using the 1990 PUMS.
20. Results were similar when we used the basic Yitzhaki measure (RD/10,000). When we substitute cen-
tile rank or z-score, the relative deprivation terms had a positive (counterintuitive) sign, but the coefficient on
state mean income remained positive and statistically significant.
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The persistently strong coefficient on the Gini coefficient, even in models with divi-
sion fixed effects, is in contrast to the results from Mellor and Milyo (2002) who use
data from the Current Population Survey (CPS) to examine the effect of income inequal-
ity on self-reported health status. To further compare our results with Mellor and
Milyo’s, we estimate additional models using self-reported health status as our depend-
ent variable (Table 4, Panel B). Following Mellor and Milyo, we construct a binary
dependent variable that equals one if the individual reported being in fair or poor health,
zero otherwise.

Even after changing the dependent variable, our basic results remain largely the
same. In Columns 2, 3, and 4, the coefficient on state Gini is about 0.25, suggesting
that a one standard deviation (0.022) increase in the Gini coefficient increases the
probability of reporting fair or poor health by 0.6 percentage points (7 percent). When
we add relative deprivation to the model, both the Gini coefficient and relative depri-
vation of logs have a deleterious impact on health, although the coefficient on relative
deprivation is not precisely estimated. We suspect that the difference between our
results and Mellor and Milyo’s stems from the fact that they have a better measure of
individual income than we do. The CPS reports family income as a continuous vari-
able with a high topcoding value, while income in the NHIS is recorded using 27 cat-
egories, topcoded at $50,000.

E. Other Outcomes

1. Cause-Specific Mortality

One reason that relative deprivation may be linked to mortality is that individuals who
feel deprived may be particularly likely to engage in health-compromising behaviors,
such as smoking. If the link between behavior and relative deprivation is causal, we
would expect relative deprivation to have an especially pronounced effect on mortality
that is strongly linked to behavior. To test this conjecture, we reestimate Equation 5
using cause-specific mortality as opposed to all-cause mortality as our outcome of
interest. The four causes of death that we investigate are coronary heart disease (CHD),
tobacco-related cancers,21 all other cancers (non-tobacco related), and accidents/exter-
nal events.22 The first two causes are highly related to behavior. Cigarette smoking, for
instance is the direct cause of 87 percent of all lung-cancer cases, and has been called
“the most important of the known modifiable risk factors for coronary heart disease”
(American Heart Association 2000). Nonsmoking related cancers and accidents, how-
ever, may be less related to behavior. To the extent that relative deprivation leads to
increased risk-taking, we might expect it to have a bigger impact on heart disease and
smoking-related cancers than it does on the other two causes of death.

The first panel of Table 5 shows results for the cause-specific mortality models, where
reference groups were defined using state, race, age group, and education.23 For CHD
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21. This category includes malignant neoplasms of the lip, oral cavity, and pharynx (ICD-9 codes 140–149),
and malignant neoplasms of respiratory and intrathoracic organs (ICD-9 codes 160–165).
22. This category includes motor vehicle accidents, other accidents, suicide, homicide, legal intervention,
and other external causes (ICD-9 codes E800–E899).
23. Results were similar when we used other combinations of demographic characteristics to define refer-
ence groups
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and tobacco-related cancers, the impact of relative deprivation is positive and propor-
tionately larger than it was in the all-cause mortality models. Looking at coronary heart
disease mortality, a one-standard-deviation movement in RD/10,000 increases the prob-
ability of death by 0.3 percentage points (48 percent), and a one standard deviation
increase in RD of logs increases the probability of death by 0.6 percentage points
(88 percent). These results can be compared to the fourth column of Table 2, where
a one standard deviation increase in RD/10,000 increased the probability of death due
to any cause by 33 percent. Results for tobacco-related cancers (Row 3, Panel A) are
similar to the results for heart disease. A one standard deviation increase in RD/10,000
is associated with a 0.2 percentage point (58 percent) increase in the probability of death
due to smoking related cancers, and a one standard deviation increase in RD of logs
is associated with a 0.4 percentage point (125 percent) increase in smoking-related
mortality.

There is conflicting evidence on the impact of relative performance on cause-specific
mortality. We find no statistically significant impact of centile rank on deaths due to
smoking related cancers or coronary heart disease. As with the all cause mortality mod-
els, z-score appears to be positively related to the probability of death due to these
causes. For mortality due to all other cancers, accidents, and adverse effects, relative
deprivation does not play as much of a role as it did for the other causes, as neither of
the Yitzhaki-based RD measures are related to either nonsmoking cancer deaths or acci-
dents/adverse events. The statistical insignificance of these results is not surprising in
the nonsmoking related cancers model, since these cancers are less related to behavior
than mortality due to lung cancer and coronary heart disease. While a large percentage
of traffic fatalities are linked to alcohol consumption, our accidental death variable
includes other causes of mortality such as fires, poisonings, prescription drug errors,
and homicide.

Again, we find conflicting results for the relative performance measures. There is
no statistically significant impact of centile rank in these models, but z-score is posi-
tively linked to deaths do to all other cancers.

2. Self-Reported Health and Limited Activity Status

Mortality is a convenient measure of health because it is easily observable and pre-
cisely measured. However, death is a rare event for younger people, and it is possible
that relative deprivation has an adverse impact on morbidity without directly affect-
ing mortality. To explore this issue we look at two additional outcomes: self-reported
health status and limited activity status. Both self-reported health status and limited
activity status are measures that can be taken from the NHIS. We measure poor or fair
health status using the binary variable described in Section VD. Limited activity sta-
tus measures whether or not the individual is physically restricted or unable to per-
form activities, which might include work, school, or other pastimes. The NHIS
limited activities question has four possible responses: (1) unable to perform major
activity, (2) limited in kind/amount of major activity, (3) limited in other activities,
(4) not limited. We create a binary variable that is equal to one if respondents report any
limitation. In total, 13.2 percent of our sample reports being limited in some capacity.

In the Panel B of Table 5 we report results using self-reported health status and lim-
ited activity status as our dependent variables. These results closely resemble the
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baseline results in Table 2. A one standard deviation increase in RD/10,000 is related
to a 0.8 percentage point (10 percent) increase in the probability of reporting poor
health, and a 1.8 percentage point (14 percent) increase in the probability of reporting
activity limitations. However, both relative performance measures have the opposite
effect, such that an increase in z-score or centile rank is associated with an increase in
the probability of poor health.

3. Health-Compromising Behaviors

If relative deprivation affects mortality by increasing the probability that an individ-
ual takes health risks, then we would expect to see a direct link between relative dep-
rivation and health-compromising behavior. In Panel C of Table 5, we use data from
the BRFSS to determine whether increases in relative deprivation change the proba-
bility that an individual smokes, exercises or wears a seat belt. Additionally, we exam-
ine the link between relative deprivation and body mass index (BMI).24

The results in Panel C of Table 5 parallel the results for the mortality and health sta-
tus outcomes, in spite of the fact that we are using a different data set to measure health-
related behaviors. Both of the relative deprivation measures are positively related to
health-compromising behavior, which suggests that an increase in relative deprivation
leads to worse health habits. For example, a one standard deviation increase in
RD/10,000 is linked to a 2.4 percentage point (8.3 percent) increase in the probability
of smoking, a 0.19 point (0.7 percent) increase in BMI, a 3.0 percentage point (4 per-
cent) decrease in the probability of exercise, and a 2.8 percentage point (5.2 percent)
decrease in the probability of seatbelt use. Similarly, RD of logs is associated with a
higher probability of smoking, higher BMI, and lower probabilities of exercise and seat-
belt use. Again, we find mixed results for the relative performance measures. There is
no relationship between centile rank and health-compromising behaviors, but an
increase in z-score is associated with an increase in the probability of taking health risks.

VI. Conclusion

Researchers in the social sciences are increasingly concerned about
the interplay between income inequality, relative deprivation, and health. Yet studies
of these relationships are difficult to conduct, mainly because of a lack of appropriate
individual-level data linking health outcomes to income and reference group infor-
mation. In this paper, we use unique data from the NHIS/MCOD restricted-access
files that allow us to observe income, mortality, and state of residence at the individ-
ual level. With these data we can examine the relationship between relative depriva-
tion and mortality while simultaneously controlling for individual income and
reference group fixed effects. We find that there is a positive and statistically signifi-
cant link between Yitzhaki-based relative deprivation and the probability that an indi-
vidual dies within five years of the NHIS survey.
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24. BMI = (weight in kilograms)/(height in meters)2. According to the Centers for Disease Control, a BMI
value between 18.5 and 24.9 is healthy, a BMI value between 25 and 29.9 is overweight, and a BMI value
above 29.9 is obese.



Our results indicate that relative deprivation in the sense of Yitzhaki may have a
detrimental effect on health. From a theoretical standpoint, relative deprivation is
thought to impact health via risky behavior. We find that for heart disease mortality
and tobacco-related cancers, the relative deprivation effect is proportionately stronger
than it was in the all-cause mortality models. Likewise, we examine relative depriva-
tion’s impact on various health habits using data from the BRFSS. We find that the
Yitzhaki-based measures are related to a higher probability of smoking and a lower
probability of seatbelt use. Further, we find that Yitzhaki-based relative deprivation is
positively associated with body mass index and negatively associated with the proba-
bility of exercise. To our knowledge, this is the first work to look specifically at behav-
ior and relative deprivation.

Two measures of relative performance, centile rank and z-score, do not fare as
well. Both centile rank and z-score are positively related to mortality. These find-
ings are difficult to interpret. The results for centile rank are not robust to the choice
of health outcome, and the counterintuitive findings may stem from the fact that
centile captures neither income inequality nor differences in income between mem-
bers of the same reference group. The results for z-score are very robust, and always
counterintuitive in sign. We suspect the z-score results are picking up the fact that
the income/health relationship is steeper when there is high reference-group
inequality. The two relative deprivation measures in which we have the most confi-
dence, RD/10,000 and RD of logs, paint a consistent picture of the impact relative
deprivation on health.

Three other results are of special note. First, all models predict that an increase in
own income will reduce an individual’s probability of death. This effect is driven by
relative deprivation, rather than the main effect of income on health. Nearly all mod-
els regardless of how or whether deprivation is measured predict the same change in
mortality from a fixed change in income. Second, although much of the previous work
using aggregate data defines reference groups at the state level, we find the weakest
evidence of the deleterious impacts of relative deprivation in models where reference
groups are defined by state of residence. Finally, relative deprivation seems to have
the strongest impact on health when it reflects income differences between individu-
als as opposed to income rank. When we measure relative status using centile rank,
which ignores the magnitude of the income difference between individuals, our
results are often statistically imprecise and in many cases, counterintuitive in sign.
Yet, when we use relative deprivation measures that quantify income differences
between individuals, our results suggest that relative deprivation is linked to mortal-
ity, morbidity, and an array of deleterious health habits.

We should stress that these results are only suggestive of a causal link between
relative deprivation and poor health. It is possible that our results simply reflect
a statistical correlation. For example, Fuchs (1982) has long argued that the per-
sistent differences in health socioeconomic status can be generated by differences
in the discount rate. If individuals who have low incomes relative to their peers
are myopic, unmotivated, reckless, foolish, or otherwise different than those with
higher incomes, then our results may in part by picking up an omitted variable.

In spite of this limitation, these results hint at a relationship between economic con-
ditions, psychological factors, and individual behavior. The relationship we investi-
gate may provide insights to other observed correlations in the data. For example,
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the fact that relative income affects health may help explain why the gradient between
income and health persists even at high levels of income (Adler, et al. 1994; Deaton
2001) or why mortality appears to be pro-cyclic (Ruhm 2000). Likewise, there may
be a link between rising income inequality over the past 25 years and rising inequal-
ity in health outcomes (Preston and Elo 1995) and in health habits (Evans, Ringel, and
Stech 1999). These results may also help explain the paradox that, while there is
a strong relationship between income and health at the individual level, there is much
weaker evidence of a link between income and health in aggregate data for developed
countries (Preston 1975; Ruhm 2000; Deaton and Paxson 2001). For example,
a nationwide productivity shock that increases all incomes by a fixed percent will by
construction also increase relative deprivation for most, possibly undoing some of the
health benefits of higher aggregate incomes. Using the results in this paper, Eibner
and Evans (2004) find that a 10 percent increase in aggregate income would actually
raise aggregate mortality for men 21–64 by about 0.9 percent.

Thirty years since Kitigawa and Hauser’s work on differential mortality in the U.S.,
there is still debate about the nature of the relationship between income and health.
Relative deprivation may explain part of this puzzle, but more research is needed
in order to distinguish causality from correlation. Finding exogenous variation that
can establish or falsify a causal link between relative deprivation and mortality may
be difficult. In practice, one would need to identify a group of people whose incomes
remained constant while incomes in their reference group changed. For example,
we are investigating the possibility of using the fact that during the 1980s, wages of
high-skilled public sector workers fell relative to their counterparts in the private sec-
tor in such a manner. In any event, we believe the future of the research in this area
will follow the trend towards individual-level micro data established by Fiscella and
Franks (1997) and Mellor and Milyo (2002) and continued in this paper. Since mor-
tality rates are relatively low for those in younger age cohorts, research in the future
will probably gravitate towards other measures of health and health habits.

References

Adler, Nancy E., Thomas Boyce, and Margaret A. Chesney. 1994. “Socioeconomic
Status and Health: The Challenge of the Gradient.” American Psychologist 49 (1):
15–24.

American Heart Association. 2000. “Cigarette Smoking and Cardioovascular Diseases.”
At “http://www.americanheart.org/presenter.jhtml?identifier=4545” Accessed February 17,
2004.

Behavioral Risk Factor Surveillance System. 1989–91. Survey data, National Center for
Chronic Disease Prevention and Health Promotion, Centers for Disease Control and
Prevention, U.S. Department of Health and Human Services.

Berrebi, Z. M., and Jacques Silber. 1985. “Income Inequality Indices and Deprivation:
A Generalization.” Quarterly Journal of Economics 100(3):807–10.

Brown, Jeffery R. 2000. “Differential Mortality and the Value of Individual Account
Retirement Funds.” National Bureau of Economic Research Working Paper: 7560.

Bylsma, W. H., and B. Major. 1994. “Social Comparisons and Contentment: Exploring
the Psychological Costs of the Gender Wage Gap.” Psychology of Women Quarterly 18:
241–49.

Eibner and Evans 617

http://www.ingentaconnect.com/content/external-references?article=0361-6843()18L.241[aid=6757617]
http://www.ingentaconnect.com/content/external-references?article=0361-6843()18L.241[aid=6757617]
http://www.ingentaconnect.com/content/external-references?article=0003-066x(1994)49:1L.15[aid=3418325]
http://www.ingentaconnect.com/content/external-references?article=0003-066x(1994)49:1L.15[aid=3418325]
http://www.americanheart.org/presenter.jhtml?identifier=4545


Cohen, Sheldon, Scott Line, Stephen B. Manuck, Bruce S. Rabin, Eugene R. Heise,
and Jay R. Kaplan. 1997. “Chronic Social Stress, Social Status, and Susceptibility to
Upper Respiratory Infections in Non-Human Primates.” Psychosomatic Medicine
59(3):213–21.

Daly, M. C., G. J. Duncan, G. A. Kaplan, and J. W. Lynch. 1998. “Macro-to-Micro Links in
the Relations Between Income Inequality and Mortality.” The Milbank Quarterly
76(3):315–39.

Deaton, Angus. 2001. “Relative Deprivation, Inequality, and Mortality.” National Bureau of
Economic Research Working Paper: 8099.

———. 1999. “Inequalities in Income and Inequalities in Health.” National Bureau of
Economic Research Working Paper: 7141.

Deaton, Angus, and Christina Paxson. 2001. “Mortality, Income, and Income Inequality
among British and American Cohorts.” Princeton, N. J.: Princeton University, Center for
Health and Well-Being.

Duesenberry, J. S. 1949. Income, Saving and the Theory of Consumer Behavior. Cambridge,
Mass.: Harvard University Press.

Eibner, C. E., and William N. Evans. 2004. “The Income-Health Relationship and the Role of
Relative Deprivation,” in Social Inequality, ed. Kathryn M. Neckerman, New York: Russell
Sage Foundation.

Evans, William N., Jeanne S. Ringel, and Diana Stech. 1999. “Tobacco Taxes and Public
Policy to Discourage Smoking” Tax Policy and the Economy 13:1–55.

Fiscella, Kevin, and Peter Franks. 1997. “Poverty or Income Inequality as a Predictor of
Mortality: Longitudinal Cohort Study.” British Medical Journal 314:1724–28.

Frank, Robert H. 1985. Choosing the Right Pond: Human Behavior and the Quest for Status.
New York: Oxford University Press.

Fuchs, Victor R. 1982. “Time Preference and Health: An Exploratory Study.” In Economic
Aspects of Health, ed. Victor R. Fuchs. Chicago: The University of Chicago Press.

Gravelle, Hugh. 1998. “How Much of the Relation between Population Mortality and Unequal
Distribution of Income is a Statistical Artifact?” British Medical Journal
316(7128):382–85.

Grossman, Michael. 1972. “On the Concept of Health Capital and the Demand for Health.”
Journal of Political Economy 80(2):223–55.

Hey, John D., and Peter J. Lambert. 1980. “Relative Deprivation and the Gini Coefficient:
Comment.” Quarterly Journal of Economics 95(3):567–73.

Kaplan, George A., Elsie R. Pamuk, John W. Lynch, Richard D. Cohen, and Jennifer L.
Balfour. 1996. “Inequality in Income and Mortality in the United States: Analysis of
Mortality and Potential Pathways.” British Medical Journal 312(7037):999–1003.

Kawachi, Ichiro, and Bruce P. Kennedy. 1999. “Income Inequality and Health: Pathways
and Mechanisms.” Health Services Research 34(1):215–27.

Kawachi, Ichiro, Bruce P. Kennedy, Kimberly Lochner, and Deborah Prothrow-Stith. 1997.
“Social Capital, Income Inequality, and Mortality.” American Journal of Public Health
87(9):1491–98.

Kennedy, Bruce P., Ichiro Kawachi, and Deborah Prothrow-Stith. 1996. “Income Distribution
and Mortality: Cross Sectional Ecological Study of the Robin Hood Index in the United
States.” British Medical Journal 312(7037):1004–1007.

Kitagawa, Evelyn M., and Philip M. Hauser. 1973. Differential Mortality in the United States:
A Study in Socioeconomic Epidemiology. Cambridge: Harvard University Press.

Lantz, Paula M., James S. House, James M. Lepkowski, David R. Williams, Richard P. Mero,
and Jieming Chen. 1998. “Socioeconomic Factors, Health Behaviors, and Mortality:
Results from a Nationally Representative Prospective Study of the United States.” Journal
of the American Medical Association 279(21):1703–08.

The Journal of Human Resources618

http://www.ingentaconnect.com/content/external-references?article=0033-3174()59:3L.213[aid=4805938]
http://www.ingentaconnect.com/content/external-references?article=0033-3174()59:3L.213[aid=4805938]
http://www.ingentaconnect.com/content/external-references?article=0887-378x(1998)76:3L.315[aid=6172433]
http://www.ingentaconnect.com/content/external-references?article=0887-378x(1998)76:3L.315[aid=6172433]
http://www.ingentaconnect.com/content/external-references?article=0022-3808(1972)80:2L.223[aid=5165601]
http://www.ingentaconnect.com/content/external-references?article=0007-1447()316:7128L.382[aid=6757621]
http://www.ingentaconnect.com/content/external-references?article=0007-1447()316:7128L.382[aid=6757621]
http://www.ingentaconnect.com/content/external-references?article=0017-9124(1997)34:1L.215[aid=3261497]
http://www.ingentaconnect.com/content/external-references?article=0090-0036(1997)87:9L.1491[aid=58442]
http://www.ingentaconnect.com/content/external-references?article=0090-0036(1997)87:9L.1491[aid=58442]
http://www.ingentaconnect.com/content/external-references?article=0098-7484(1998)279:21L.1703[aid=3176573]
http://www.ingentaconnect.com/content/external-references?article=0098-7484(1998)279:21L.1703[aid=3176573]


Lynch, John W., George A. Kaplan, and Jukka T. Salonen. 1997. “Why Do Poor People
Behave Poorly? Variation in Adult Health Behaviors and Psychosocial Characteristics
by Stages of the Socioeconomic Lifecourse.” Social Science and Medicine 44(6):
809–19.

Marmot, Michael G. 1986. “Social Inequalities in Mortality: The Social Environment.” In
Class and Health, ed. Richard Wilkinson. London and New York: Tavistock Publications.

Marmot, Michael G., M. J. Shipley, and G. Rose. 1984. “Inequalities in Death—Specific
Explanations of a General Pattern?” The Lancet 1:1003–1006.

McDonough, Peggy, Greg J. Duncan, David Williams, and James House. 1997. “Income
Dynamics and Adult Mortality in the United States, 1972 through 1989.” American Journal
of Public Health 87(9):1476–83.

McGuire, Mark T., and Michael J. Raleigh. 1985. “Serotonin-Behavior Interactions in Vervet
Monkeys.” Psychopharmacology Bulletin 21(3):458–63.

Mellor, Jennifer, and Jeffrey Milyo. 2002. “Income Inequality and Health Status in the United
States: Evidence from the Current Population Survey” Journal of Human Resources
37(3):510–39.

Merton, Robert K., and Alice S. Kitt. 1950. “Contributions to the Theory of Reference Group
Behavior.” In Continuities in Social Research: Studies in the Scope and Method of “The
American Soldier,” ed. R. K. Merton and P. F. Lazarsfeld. Glencoe, Ill.: The Free Press.

Organization for Economic Cooperation and Development. 2003. OECD Health Data 2003,
Paris: OECD.

Pettigrew, Thomas F. 1978. “Three Issues in Ethnicity: Boundaries, Deprivations, and
Perceptions.” In Major Social Issues, ed. J. M. Yinger and S. J. Cutler. New York: The Free
Press.

Preston, Samuel H. 1975. “The Changing Relation between Mortality and Level of Economics
Development.” Population Studies 29(2):231–48.

Preston, Samuel H., and Irma T. Elo. 1995. “Are Educational Differentials in Adult Mortality
Increasing in the United States?” Journal of Aging and Health 7(4):476–96.

Putnam, Robert D. 2000. Bowling Alone: The Collapse and Revival of American Community.
New York: Simon and Schuster.

Rodgers, G. B. 1979. “Income and Inequality as Determinants of Mortality: An International
Cross-Section Analysis.” Populations Studies 33(2):343–51.

Rogot, E., P. D. Sorlie, and N. J. Johnson. 1992. “Life Expectancy by Employment Status,
Income, and Education in the National Longitudinal Mortality Study.” Public Health
Reports 107(4):457–61.

Runciman, Walter G. 1966. Relative Deprivation and Social Justice. London: Routledge and
Kegan Paul.

Ruhm, Christopher. 2000 “Are Recessions Good for your Health?” Quarterly Journal of
Economics 115(2):617–50.

Sapolsky, Robert M., Susan C. Alberts, and Jeanne Altmann. 1997. “Hypercortisolism
Associated with Social Subordinance or Social Isolation among Wild Baboons.” Archives of
General Psychiatry, 54(12):1137–43.

Sarlio-Lähteenkorva, Sirpa, Karri Silventoinen, and Eero Lahelma. 2004. “Relative Weight
and Income at Different Levels of Socioeconomic Status.” American Journal of Public
Health, 94(3):468–72.

Shively, Carol A., Kathy Laber-Laird, and Raymond F. Anton. 1997. “Behavior and
Physiology of Social Stress and Depression in Female Cynomolgus Monkeys.” Biological
Psychiatry 41(7):871–82.

Singer, Eleanor 1981. “Reference Groups and Social Evaluations.” In Social Psychology:
Sociological Perspectives, ed. Morris Rosenberg and Ralph H. Turner. New York: Basic
Books, Inc.

Eibner and Evans 619

http://www.ingentaconnect.com/content/external-references?article=0032-4728(1975)29:2L.231[aid=6684950]
http://www.ingentaconnect.com/content/external-references?article=0898-2643()7:4L.476[aid=6757629]
http://www.ingentaconnect.com/content/external-references?article=0032-4728()33:2L.343[aid=5487563]
http://www.ingentaconnect.com/content/external-references?article=0033-5533(2000)115:2L.617[aid=1631489]
http://www.ingentaconnect.com/content/external-references?article=0033-5533(2000)115:2L.617[aid=1631489]
http://www.ingentaconnect.com/content/external-references?article=0033-3549()107:4L.457[aid=6757628]
http://www.ingentaconnect.com/content/external-references?article=0033-3549()107:4L.457[aid=6757628]
http://www.ingentaconnect.com/content/external-references?article=0003-990x(1997)54:12L.1137[aid=1970157]
http://www.ingentaconnect.com/content/external-references?article=0003-990x(1997)54:12L.1137[aid=1970157]
http://www.ingentaconnect.com/content/external-references?article=0277-9536(1997)44:6L.809[aid=3725435]
http://www.ingentaconnect.com/content/external-references?article=0277-9536(1997)44:6L.809[aid=3725435]
http://www.ingentaconnect.com/content/external-references?article=0048-5764()21:3L.458[aid=6757625]
http://www.ingentaconnect.com/content/external-references?article=0090-0036(1997)87:9L.1476[aid=839052]
http://www.ingentaconnect.com/content/external-references?article=0090-0036(1997)87:9L.1476[aid=839052]
http://www.ingentaconnect.com/content/external-references?article=0022-166x(2002)37:3L.510[aid=3781496]
http://www.ingentaconnect.com/content/external-references?article=0022-166x(2002)37:3L.510[aid=3781496]
http://www.ingentaconnect.com/content/external-references?article=0006-3223()41:7L.871[aid=6757623]
http://www.ingentaconnect.com/content/external-references?article=0006-3223()41:7L.871[aid=6757623]
http://www.ingentaconnect.com/content/external-references?article=0090-0036()94:3L.468[aid=6757630]
http://www.ingentaconnect.com/content/external-references?article=0090-0036()94:3L.468[aid=6757630]
http://www.ingentaconnect.com/content/external-references?article=0140-6736()1L.1003[aid=111598]


The Journal of Human Resources620

Sorlie, Paul D., Eric Backlund, and J. B. Keller. 1995. “US Mortality by Economic,
Demographic, and Social Characteristics: The National Longitudinal Mortality Study.”
American Journal of Public Health 85(7):949–56.

Sturm, Roland, and C.R. Gresenz. 2002. “Income Inequality and Family Income and Their
Relationship to Chronic Medical Conditions and Mental Health Disorders.” British Medical
Journal 324(7328):20–23.

U.S. Department of Health and Human Services, National Center for Health Statistics.
National Health Interview Surveys, 1988–1991: Multiple Cause of Death, Dates of Death
1988–1996 [computer file]. Hyattsville, Md.

———. Third National Health and Nutrition Examination Survey, 1988–1994, NHANES III
Examination Data File (CD-ROM). Public Use Data File Documentation Number 76200.
Hyattsville, MD: Centers for Disease Control and Prevention, 1996. Available from
National Technical Information Service, Springfield, Va.

Waldmann, Robert J. 1992. “Income Distribution and Infant Mortality.” Quarterly Journal of
Economics 107(4):1283–1302.

Wilkinson, Richard G. 1997. “Health Inequalities: Relative or Absolute Material Standards?”
British Medical Journal 314(7080):591–95.

———. 1996. Unhealthy Societies: The Afflictions of Inequality. London and New York:
Routledge.

Yitzhaki, Shlomo. 1979. “Relative Deprivation and the Gini Coefficient.” Quarterly Journal of
Economics 93(2):321–24.

http://www.ingentaconnect.com/content/external-references?article=0090-0036(1995)85:7L.949[aid=542118]

