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An Algorithm of Multiple Sensor Reconnaissance Results Fusion
Based on Multiple Distances Based Spatial Clustering

XU Ying

(304 Teaching and Research Section, Electronic Engineering Institute of PLA, Hefei 230037, China)

Abstract; During the counter reconnaissance assessment, in order to merge the reconnaissance results
belong to the same target, reconnaissance results from different sensor should be clustered based on the
spatial position and attributes on account of the non-real time inconstant of the acquisition and transmission
of reconnaissance images, and the time non-continuity of image information analysis results. Taking into
account of the similitude of the spatial position and multiple non-spatial attributes, MDBSC ( Multiple
Distances Based Spatial Clustering) algorithm was proposed and used to achieve the reconnaissance results
fusion of multi-sensor, and procedure and example of the algorithm were provided.
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