2 ~ s
#30% H10M # % 5 & R 20154 10 A
Vol. 30 No. 10 Control and  Decision Oct. 2015

XE4mS: 1001-0920 (2015) 10-1791-06 DOI: 10.13195/j.kzyjc.2014.1072

— MRS ZAFERRIEANEEF N BRIRES X
3 B, KAk HRam
(PRI RY 5 BRI S TR 2R, Kb 410083)

W OB BT RERARA I R V28 SR T ] 58 AR AR B B S, R & RO W AR B ARSI K, F
B IR Z IR HARAT S5 IIRE S0, X015 500 H PRI RS 7 22, %) 56 T (i 2 10 {8 AAOASEAR B8 37 SRR (AN 2, 3R —
P2 oy 20 B RS EAR 7 4. O T SR SR E BRI X 2 B8, S — b Al 22 SR B R A RN B A 2 o 1) H AR R
EE T, SEIRAE TR T TR 0 5V RE A RIGR s R R ) B T R

XBEIE): HARERER: MBiRE; EEY¥3)

FESAS: TP391 XEkFREE: A

A traget tracking method combining multi-level sparse representation
and metric learning
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Abstract: Traget tracking methods based on the sparse representation mostly apply a template update strategy based on the
fixed threshold which is difficult to adapt to the changing shape of target. In addition, sparse representation is inadequate in
capturing the manifold structures hidden in target samples. A template update strategy based on the multi-level hierarchical
dictionary is proposed according to drawbacks of the template update strategy based on the fixed threshold. A tracking
method combining multi-level sparse representation and metric learning is proposed in order to improve the ability to

distinguish between background and targets. Experimental results show that the proposed method can improve the tracking

accuracy and robustness effectively.
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