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An SVR-based incremental learning algorithm based on belief revision
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(School of Computer Science and Technology, Nanjing University of Aeronautics and Astronautics, Nanjing
210016, China. Correspondent: FENG Wen-an, E-mail: fengwenan@126.com)

Abstract: In order to reduce the storage cost and improve the learning efficiency when data arrives in batches in practical
applications, an SVR-based incremental learning algorithm based on belief revision is proposed. In this algorithm, belief
sets are extracted from the historical samples firstly, and appropriate belief sets are selected to establish the prediction SVR
model according to the characteristics of belief sets and the new incremental data set. Then, the belief sets are revised and the
current epistemic state is adjusted to adapt the new environment. The algorithm perform well when applied to online learning
and incremental learning. Experiments conducted on the standard data sets and the airport noise data set demonstrate that the

proposed algorithm is effective and superior to the traditional methods and the general incremental learning algorithms.
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