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Abstract: Considering that the generalization of the learning machine performed poorly in the present intuitionistic fuzzy 

kernel matching pursuit algorithm (IFKMP) due to its training method and stopping criteria, a new recognition method 

based on intuitionistic fuzzy kernel matching pursuit ensemble (IFKMPE) was proposed by introducing the idea of en-

semble learning. In IFKMPE, the double perturbation strategy including sample and parameter perturbation was applied 

to generate the sub-learning machine, the recognition results were fused by the principle of majority voting, and therefore 

both the classify accuracy and generation ability were enhanced. Simulation results show the new algorithm IFKMPE 

performs better in terms of recognition accuracy and stability of sample learning compared with the traditional ones. 
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Bagging-IFKMPE 200 15 31.994 97.72 0.34 

ES-IFKMPE 200 

�:500 

15 31.238 97.50 0.38 
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KMP 300  1 1.357 8 67.63 5.68 

KMPE 300  5 6.236 70.59 1.36 

IFKMP 300 �:150 1 1.421 1 92.77 6.06 

Bagging-IFKMPE 60  5 0.630 2 96.04 2.21 

ES-IFKMPE 60  5 0.644 5 97.32 0.89 
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