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Study on Fast Image Deblurring Algorithm
Based on Non-Iteration Pseudoinverse Matrix

ZHANG Gui-ning

(Shanxi Academy of Governance, Baoji 710068, China)

Abstract ; For the defect of time-consuming serious and the restoration quality was influenced by the preset
threshold iteration for resulting in difficult to give consideration to high recovery quality and algorithm effi-
ciency in current image deblurring mechanism, the fast image deblurring algorithm based on non-iteration
pseudoinverse matrix was proposed by introducing the pseudoinverse matrix and separable two-dimensional
blur for the non-iteration. The blur was eliminated by decomposing the blur image into horizontal and verti-
cal blur and defining the minimum distance between measurement data as additional vector. Simulation re-
sults showed that comparison with current image deblurring algorithm, this algorithm has higher deblurring
efficiency and the deblurring quality is good with the PSNR 36.27 dB.
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