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Abstract: Two types of sequential minimal optimization(SMO) algorithms applied in solving Laplace-SVR with non-
positive kernels are proposed. The first algorithm is only designed for Laplace-SVR, and the second one regarding

Laplace-SVR as a special case is done for a general purpose. Because of the difficulty of solving SVR with non-positive

kernels, the presented algorithms have a certain theoretical and practical significance.
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