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Abstract: For the problem that recurrence leads to the difficulty in finding a solution to partial differential equations in
recurrent least square support vector machines regression (RLSSVM), analytical method is proposed to solve the
equations, in which recurrence is taken into consideration, so that a complete recurrent least square support vector
machines regression is achieved. Relevance between variables is examined, and the partial differential equations are

solved in analytical way. Simulation results show that the recurrent model is superior to series-parallel model or other

RLSSVM models proposed in recent papers, especially in modeling a system affected by noise.
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