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Abstract : For the fixed tree configuration of traditional support vector machine (SVM) multi-class classfication
decisonrtree agorithms and the random postions of their decison nodes, the error accumulate is very severity.
Therefore, we present a GA-based SVM multi-class classfication decisiornrtree optimization algorithm. We adopt the
“ margin” of SYM as adaption function to desgn GA. Then, GA is used to create optimal or suboptimal decison-tree
automatically , which makes the margin between two classes maximal at every decison node. Experiment results show
that the error accumulation phenomena is weaken obvioudy and classfication quality is advanced greatly.
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