Journal of Computer Applications

P H AR A, 2013, 33(9) : 2686 - 2689

ISSN 1001-9081
CODEN JYIIDU

2013-09-01
http: //www. joca. cn

SCE S :1001-9081(2013)09-2686-04

doi:10. 11772/j. issn. 1001-9081. 2013. 09. 2686

ET_#asEaRREEnER 2Rt REG S BIEZ

Hoedd, HAF
(PER RBRIE S TR%EL K1 410083)
( = BASMEH AT HEFE yeadai@ 163. com)

i B A REAATFHRE IR ARAA AT ERBEAGFE, RBT —H g A5 £ HBRAER
(2D-AASM) o i, vy 2 F 06 3 K 03 ) B Sh4e 0 A = % B 3R RS A 0 B 280 ok, W25 4
AAALRE AR A (MRD) R A&+ E RS REANER RALTRAOBRREGT AMEETERAR, ELH
18] 4 T4-5 85 ot AR Ao Y By S M AR | A R IR 6 77 20 B AR B HE 3 D T F TR IR A B0 3, B
Rk 3/ 83T 3 A MRISC3E 0 X8 1 89 505 ok, 5 M 45 2 30 M2 (ASM) Amdm A — % By 35 6 LR 2 49
ASM Jyixtare, £ 45814 RAA £ SR R MM, BIRAE S H S fo RO H 5, FREREN, HR-F % L%
RE A, BNEREHH,

EERIA AR S B B RR R AR 3 RE; B AR

RESERE: TP391.41  XEAERERG:A

Segmentation algorithm of intervertebral disc magnetic re€sonance
images based on two-dimensional automatic active shape model
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(School of Information Science and Engineering, Ceniral SouthUnivesity, Changsha Hunan 410083, China)
Abstract: In response to the issue that the intervertebral di ' Zal mbdélihg was time-consuming and subjective, and
the existing segmentation method was not accurate enough, a >ﬁethod named two-diememsional Automatic Active Shape

Model (2D-AASM) was proposed. It included three partss

minimum description length, 2D local gradient modeli

atic-statistical shape modeling of intervertebral disk based on
segentation. Adopting the manual segmentation results of 25

sets of spinal MR images as the training set, the st
L}

used\minimum description length method to determine the point
correspondence, built statistical shape model ocal grddient model for intervertebral disk T4-5. The generated shape
model had lower variance and the objective funefon {alue-than the manual and arc length parameter method. After the model
was built, three sets of Magnetic Resonance Image ( MRI) images were used to test the proposed method. Compared with the
traditional ASM and 1D-ASM, the segmentatigfivvesult of the proposed method had a higher Dice coefficient and lower over-

segmentation and under-segmentation ratey, The experiment results indicate that the proposed method generates a better model

and more accurate segmentation result.

Key words: intervertebral disk, 8egmentation; minimum description length; Active Shape Model ( ASM); multi-

resolution; local gradient model
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