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Image decomposition and edge detection based on
wavelet transform and partial differential equation
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Abstract: In the decomposition of natural image containing texture, \the edge~iformation of structure image is easy to be
regarded as the texture, which results in blurred edge of the stygiefiral imagk “and inaccurate detected edge. An image
decomposition and edge detection method was proposed based ehiwiawelet tragdsform of Partial Differential Equation (PDE) . At
first, wavelet transform threshold was used to extract texture\informatipn. NThen the improved PDE image decomposition model
was used to further decompose the image and extracifthe 'edge. THesnumerical experimental results show that this method
improves the quality of image decomposition, makes theffextur€ 8xtraction through and the structure image piecewise smooth,
and better protects the edge of the structure.
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