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Image edge detection without threshold
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Abstract: Concerning the thresholds often being needed in the image edge detgepion and it is difficult to set good
threshold values for the variant illumination image, a new edge detection method, &ag proposed to solve these problems.
Firstly, according to the logarithm, an image was decomposed into high Trequency~and low frequency, and the high frequency
image was extracted by the logarithmic image minus the image By(3h® maxifnun® value filter. Then based on the Stevens
theorem from cognitive psychology, the high frequency informatiofiswas transfgrmed into visual psychological quantity. After the
edges were thinned by non-minimum suppression, they were\8xtiticted/by\Pillar K-means algorithm. The proposed method has
good effect on the variant illumination image and dogs¥not need to Set threshold value. The experimental results prove the

effectiveness of the proposed method, and also showhatithe edge Value in variant intensity may be agreed by converting the

intensity to the psychological value.
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