Journal of Computer Applications

+# HE U A, 2013, 33(8) : 2280 -2282,2292

ISSN 1001-9081
CODEN JYIIDU

2013-08-01
http: //www. joca. cn

45 :1001-9081(2013 ) 08-2280-03

doi;10. 11772/j. issn. 1001-9081. 2013. 08. 2280

M EX R FENETE A E

LEE, K-
(L EPRRE R B, K 400044; 2. EPRAS SR 5RGE R LE, TR 400044)
( * SBISVEE B FIE4H ma-wenl024@ 163. com)

i EBXARAGKERRFEAZTERABFR L, EFEARIAG R T EERXALEER, 45
FIAL, R AN EIARANREREF EF E—5 045 %, BAEIANRALEFEFMLABRAEABRL, 56
HERTHAEELEP AR POSAHFEL, FREREY A T RS IERE ST, ZH5 RGBT ETHMEY
FE90% A b 3 BBEAERLEPHEANESRS  REBIAS LN T R ITLE,

KW R B ERE R EHEA RS R

FES %S TP311 XERE A

New feature weight calculation method for short text
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Abstract: The inherent sparse features and unbalanced sample of the short text makeMt difficult for short text to use
traditional weight of long text mechanically. To resolve this problem, an approach of skiorfstext feature weight named Integrated
Category (IC) was proposed. This approach introduced the concept of Thyerse doctiment frequency and relevancy frequency,
and integrated the distribution of sample in positive category andOdegative ¢@tedory. The experimental results show that,
compared with other feature weight methods, the micro-averagedafid macro-ay€rage of this method are above 90%, and it can

enhance the sample categories distinguishing ability in negdtiye \ategor¥, and improve the precision and recall of short text

categorization.
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