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Nutch crawling optimization from view of Hadoop

ZHOU Shilong, CHEN Xingshu ~, LUO Yonggang
( College of Compuier Science, Sichuan University, Chengdu Sichuan 610065, China)

Abstract: Nutch crawling performance was optimized by tunning Nutch MapReduce job configurations. In order to
optimize Nutch performance, firstly Nutch crawling processes were studied from the view of Hadoop. And based on that, the
characters of Nutch jobs’ workflows were analyzed in detail. Then tunned job configurations were generated by profiling Nutch
crawling process. The tunned configurations were set before the next job running of the same type. The appropriate profiling
interval was selected to consider the balance between cluster environmental error and profiling load, which improved

optimization result. The experimental results show that it is indeed more efficient than the original programs by 5% to 14%.

The interval value of 5 makes the best optimization result.
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