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Study on the GASVR_GM Prediction Model for Endpoint Temperature of EAF
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Abstract: The endpoint temperature of electric arc furnace ( EAF) is one of the most important indexes of the steelmaking process, it
determines both the quality of molten steel and the overall cost. The prediction model establishment of the endpoint temperature is an important
part for implementing automation of steelmaking. In order to obtain highly accurate predictive value of the endpoint temperature, the GASVR_
GM prediction model is proposed. This model is mainly based on quantitative factors, it predicts the endpoint temperature by adopting the
support vector regression machine optimized with genetic algorithm, then compensates the predictive error by using grey model to solve the

influence from non-quantitative factors for implementing rolling prediction. The experimental simulation indicates that comparing with intelligent

soft sensing method, the GASVR-GM prediction model possesses higher accuracy and robustness.
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Fig. 1 Overall structure of the GASVR_GM prediction model
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Fig.2  Principle of the support vector regression prediction
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