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Intelligent Temperature Prediction Based on BP-PSO for Electric Furnace
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Abstract: Aiming at the features of electric furnace, e. g. , multiple variables, non-uniform distribution, and slow real time performance, that
bring difficulty for establishing accurate model, the algorithm that combining BP neural network and particle swarm optimization ( PSO) is
proposed to establish the system model through recognizing the temperature variation of electric furnace, and to implement prediction of
temperature varying trend based on the model. The experimental results show that comparing the BP neural network algorithm, through PSO and

BP neural network algorithm, the effective time range of the predictive value is extended by 60% , and the accuracy of the predictive value is

enhanced by 44% within the same effective prediction time.
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Fig. 1 Structure of the electric furnace

(A FR)H 34 EH 14 2013451 A

HL I AR b A P TR EE S A AN S B e A
K, I I 2 T7 WA . AR I
TS AR, JOUE D5 0 N il B A 1E E A2 . %l
BEFEAE R AR BOE I B TR o A SRR X
GO AE LN B RS S AR B b o TR B 2 R
M i s 18] 728 ) 7 O o

X Tl 52 56 4 0 K < 9 0 e I B A AR
STAER SRR, 3 ) BS — Bl [ 92 5% b F S i
N0 PR30 AL, 7 9 SR B A D R i A )
FIS S

K URE I AL 51 T A A, b T R TR
DEFERE Y, A Y, A5k i, d sz “2-15-27 BP MK
SRR, BP MM 25 45 ANTAL 2 BT

AR Bk e

Wi(1,1) ¢

T

Wi(1,2) '

Wi(2,15)

B2 BPAZEMLLEMHEA

Fig.2  Structure of BP neural network
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Tab.1 Comparison of the theoretical data and the test data
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