55 34 5 72 EfE

201349 H

»2,
Journal on Communications

Vol.34 No. 72
September 2013

d0i:10.3969/j.issn.1000-436x.2013.22.026

EF R HOMRIES REMR

FEE, Fi6, FAK
CRIEFET R M5 B, 07 Ki%E 116024)

8 . WIS s R AT, RIROCER S ERAEAEAT I B R . BT LSRR AR st ke Ui A HERE R
GoH BB, I IUE MAHEE R G TS, R IR =0 HR—Hadoop, K H3 20 AH G414 Hives
Hbase &, Wit T —FE TSN EALMEAHEDE R 40, I R Ge A F T BAL VA AR A 2 0 9l

KHER: ERE: WL RS = E

RESES: TP391 XERFRINAD: A XEHRS: 1000-436X(2013)Z2-0138-03

Design of video recommender system based on cloud computing

LI Ying-zhuang, GAO Tuo, LI Xian-yi
(Network and Information Center, Dalian University of Technology, Dalian 116024, China)

Abstract: Through the survey and research of the existing video sites, some video sites face the problem of information
overload. So it is necessary for the video sites to have a recommender system. Through the study of the existing video
recommender system, using open source cloud computing technologies—Hadoop, and some of its related components
such as Hive and Hbase, a personalized video recommendation system based on cloud platform was designed. The sys-

tem is only applicable to professional video-based website.
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