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Abstract: A PDE-based adaptive anisotropic model for image registration was proposed to solve the problem that tradi-

tional optical flow brings on the image blurring and details losing. The new model introduces adaptivity diffusion filter to 

image registration, and defines anisotropic diffusion function with the ability of preserving image structure as the regu-

larization term; the data term use a non-quadratic penalty function with the assumption in brightness constant to improve 

the robust of the model. The experimental results show that the model can efficiently protect the image structure and 

achieve accurate registration of the complex image like brain. 
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