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An image registration algorithm with the constraint
of Delaunay triangulation
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Shandong,264001 , China)

Abstract: In traditional matching of feature points, only information about the characteristic themselves were considered.
In order to overcome the problem of this, an image matching algorithm based on Delaunay triangulation is given. In the pro-
posed algorithm, the candidate feature points are Delaunay triangulated. The triangulation networks are compared and the
consistent structure is located. The consistent structure is corresponding to correct matching. The proposed algorithm can

effectively eliminate wrong match points and enhance reliability. And compared to RANSAC ( Random Sample Consensus,

RANSAC) , the proposed algorithm achieves a substantial reduction in computing time. The experiments show that the ef-

fectiveness and reliability of the proposed algorithm, which probably be with importance in application.
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Matching results of three algorithms.

# 1 ZMEIAN SRR
Tab.1 Experimental data of three algorithms
. B | BB
B J RN R | R FHEF(s)
SURF 176 4/0 20. 61
Aerials RANSAC 165 0/15 120.20
DT )43 152 0/28 22.67
SURF 35 3/0 20.73
Cambridge | RANSAC 20 0/15 100. 43
DT )43 32 0/3 22.30
SURF 64 6/0 13.57
Greenland | RANSAC 45 0/25 70.03
DT 43 51 0/19 14. 69
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Fig.3 Computation time of three algorithms
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