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Minimal difference sampling for active learning image classification
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Abstract: Aiming at the problem of measuring the voting disagreement of committee, a minimal difference sampling
method for image classification was proposed. It selects the sample with the minimal difference of two highest class
probabilities voted by committee. The experimental results show that this method effectively enhances the classification
accuracy compared with EQB and »EQB. Furthermore, the influence of the number of models in the decision-making

committee was analyzed and discussed. The experimental results show that the proposed method always outperforms

nEQB with the same number of models.
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