e ~ V3
$029% 510 ] # w5 kR 2014 4 10 A
Vol. 29 No. 10 Control and  Decision Oct. 2014

XEHS: 1001-0920 (2014) 10-1765-06 DOI: 10.13195/j.kzyjc.2013.0739

ETHENHANFINARES Birk FRENLEZ

TENK, ZER, KR, RAZR, T &
Abb T2 5 BRA S HRSFE, A6 100029)

1 B AR LR ORI X A R e ) AR IR 1) R, B — R R T S R ) I AR 2 H AR R
AT IE . S DARIEATF & LA LT A 00E R, G IEAL SR I 24 2] A 3, 3 AR L R A St X
W RS D) WIS 5N — B IE TN B 25 1) Pareto S UM 20 A1 T Bh AR 4E 3 s, £ NI NS 10 58 2% FE T4 ek
it Pareto FHYRIZM AT PE. SCU6 45 BRI, B HH A0SV mT LIRS B T A et « A3 A PERN 22 BEVE R Pareto R
KBEIE: £ HARRLFRAL: AIENEMEEE s BT

PESES: TP273 NEFRERS: A

Constrained multi-objective particle swarm optimization algorithm based
on self-adaptive evolutionary learning
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Abstract: Considering the problem of the inadequate search ability for constraint boundary particles in the boundary region,
a constrained multi-objective particle swarm optimization algorithm based on self-adaptive evolutionary learning is presented.
The evolutionary learning formulas of multi-objective particle swarm optimization algorithm are modified according to the
constraint violation level of infeasible particles, so that the algorithm’s search ability is enhanced greatly in the constraint
boundary region. Furthermore, a dynamic distribution maintenance strategy for Pareto front based on the crowding distance
is adopted to improve the distribution of Pareto front without any increase in the algorithm’s complexity. The experimental
results show that the Pareto front obtained by the proposed algorithm has better convergence, distribution and diversity.
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