¥328 Hol
2010 4F 5 A

ARG TRSHETHA

Systems Engineering and Electronics

Vol.32 No.5
May 2010

XEHS:1001-506X(2010)05-0971-05

E T Bayes I2i£ 5 Monte Carlo 1]
XU 2 % B 14 B R R A7 7%

EX A, s
(FHAFHFR, #HE K 410083)

O EASTEEREEAAMME S ERER TR R S EMBLLARNE RBLEEARLLRIZE,
EREATERETTRERN RETALELRLF LRI NME % T Bayes BA, X AR £ BEK
XY B AL B AT R & R E— S5 H R A Monte Carlo Bty ik Bt HHEANAF EOH L M PMA FH & FF
QHEA, SR T RAEZF EOART IR, RO S RIET F k6 A3k fe R i,

KER AR, AR % B MHER; Bayes 2 8; Monte Carlo B4

FESES: N 945,17 XEFRERD . A DOI:10. 3969/j. issn. 1001-506X. 2010. 05. 020

Risky multicriteria group decision approach based on
Bayesian theory and Monte Carlo simulation
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Abstract: Aiming at the risky group decision making problem with a stochastic variable and unknown
weight, two models of combining decision maker’s and expert’s subject probability are presented based on
Bayesian theory, according to whether the decision maker has prior information and whether the expert’s devia-
tion is known. With those multivariate Bayesian aggregation models, a consensus probability distribution of
each criterion’s value is attained first. Then, by means of Monte Carlo simulation, a rank probability exception
index is calculated which represents the probability of different ranks an alternative might get. Finally, an
exception ranking score is defined as well, which can aid a decision maker to choose the best alternative. The
solution procedure is given and the effectiveness of this approach is showed by an example.
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