20 % 1M w7 A A
2010 4 1 H SIGNAL PROCESSING

Vol.26. No.1
Jan. 2010

BKEESHMEMELXEBEEXNERERSBREE

WA hME B

(fHERTAFAFE IR, §x 210007 )

W OE: MANERSEERAAEMAE S - m SRR R B A S, Bl FIAMES AR IR, SCE R
FUE S R PRt . TECPR AT, (F S AR A XM RS S IR G, RAME 53— 7 a0 M R AR AR A% T 1
e hES . A WEES BB B RS, (HAESCPR A, B mEART A, HiEFES Bk
AL FAEDCHRRERT, FRH TG AR S I AR Lt A AR DGR M A M T TR A B R . TR R T IR A
R, MIA W3 T EHE R A ARt B A SR A MR B IR B A L, SRR R BN E S B R

KW HESE; et B A e

FESES: TN9L1.7 XEARIRES: A XE4HS: 1003 -0530(2010 )01 0141 -05

Blind source separation for noisy mixtures with non-Gaussianity
and nonlinear autocorrelation

CHEN Shou-qi  SHEN Yue-hong XU Kui

( Institute of Communications Engineering, PLA University of Science and Technology, Nanjing 210007 , China )
Abstract:  One often solve the BSS problem by using the statistical properties of original sources,e. g. ,non-Gaussianity or time-
structure information. Nevertheless, real-life mixtures are likely to contain both non-Gaussianity and time-structure information, rendering
the algorithm using only one statistical property fail. The BSS algorithms are often limited to noise-free mixtures, which are not realistic.
Therefore , this paper address the separation of the noisy model based on non-Gaussianity and nonlinear autocorrelation of sources. An ob-
jective function which based on the two statistical characteristics of sources is proposed. Maximizing this objective function, we present a
blind source separation algorithm for noisy mixtures. The validity of the proposed algorithm is demonstrated by computer simulation. Mo-

reover, comparisons with the existing algorithm for noisy mixtures based on non-Gaussianity and nonlinear autocorrelation indicate the

better performance.
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