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Abstract:  Robust face recognition (FR) under occluded condition is considered more and more important gradually in FR field,
and it is one of the difficult problems. While sparse representation theory hit the spot of human visual characteristic and neural informa-
tion effective expression, and it’ s consistent with the human face inner feature, the effective fusion strategy of color face information is
studied in this paper, and the homotopy algorithm is used to solve the /; norm problem in occluded sparse representation based FR. Ex-
perimental results in AR database show that compared with traditional color face image fusion FR method and the traditional gray-scale
conversion FR method, the homotopy algorithm and color information fusion based FR method can achieve high recognition performance
in both unoccluded and occluded face image. It is also show that the effective integration of color information on feature fusion, also con-
tributes to improve the efficiency and performance of face recognition system.
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Fig.2 Chrominance feature fusion mode
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Fig.3 Face images in AR Database
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Tab. 1 Right recognition rate of the proposed algorithm under color

feature coefficient change for unoccluded face images
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Tab.2 Comparison of right recognition rate under feature

dimension change in unoccluded face images
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1500 98.43% 99.13% 99.75%
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Tab.3 Comparison of right recognition rate under feature

dimension change in occluded face images
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Tab.4 Comparison of average recognition time ( second)

of single image of three methods

FEAELERL PCA+BPR[34] SRC ARICTr ik
500 0.57 3.6 0.16
1000 0.64 5.7 0.24
1500 0.78 9.8 0.30

SR 4 K2 R RE ORI R AR, 7
PHIEEAS AR Kl IR U R . ARSI AR B R
i b BRI, A S REATLEE R N 5K AT I 2k
FEA, 351 26-N 5K PR AE g MK AE A FEA A F K
T30 AN B 2 T7 95 5 90 50 2 M IR] o SR R AR
HERLITRE UK 1500 4. 3 S HET 2 BE 4 550 T
PiA AU . SRC 31 SAR S5 15 1 S 5
4R

£S5 A ERLEDGAE AL OLT IE SRR SR L

Tab.5 Comparison of right recognition rate under changes of training

samples in occluded face images
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17/9 98.48% 98.86% 99.31%
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