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MAE 0. 031 0. 289 0. 083 6.331
MA PE 4 34% 6 25% 4. 55% 9. 86%
MAE 0. 031 0. 420 0. 168 8. 683
MAP 4 45% 7. 26% 6 21% 10. 86%
MAE 0. 022 0. 320 0. 079 5.048
MA PE 4 2% 4 46% 4 2% 6. 02%
MAE 0. 033 0. 299 0. 087 7.389
MAE 0. 027 0. 330 0. 092 6.205
MA PE 4.35% 5. 16% 4. 36% 6.81%
MAE 0. 027 0. 416 0. 085 6. 144
MA PE 4 94% 5. 65% 4 34% 7. 67%
MAE 0. 032 0. 289 0. 083 6.331
MA PE 4 88% 5.01% 4. 90% 6.93%
MAE 0. 029 0. 275 0. 069 5. 861

BP MAPE 4 24% 4 2% 4. 29% 5. 98%
MAE 0021 0. 264 0. 062 5. 821
MA PE 4 22% 4 06% 4.30% 5.75%
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Research on Nonlinear Combining Exchange Rate Forecasts
DONG Jing- rong, YANG Xiu- tai
( School of Business Adminstration, Chongging U niversity, Chongqging 400044, China)

Abstract: [t has been shown in recent economic and statistical studies that combining forecasts may produce more accurate
forecasts than individual ones. However, the linear combination forecasting met hod is known to have the limitation for
composite modeling and forecasting of foreign exchange rates. This paper presents a new nonlinear composite forecasting
method for exchange rate modeling and forecasting based on fuzzy neural network. Furthermore, the corresponding com-
posite learning algorithm including Kohonen self organizing future map, supervise competitive learning and baclk propaga-
tion are used to learn the connection weights of fuzzy neural netw ork and partitions of fuzzy subsets. It has been show n by
the composite modeling and forecasting results about the exchange rate time series of the British pound, the French franc,
the Swiss franc and the Japanese yen against U. S. dollar that the method has reinforcement learning properties and map-
ping capabilities. Wit h respect to composite modeling and forecasting of nonlinear system which has some uncertainties, the
method is available.
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