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Model o1} ap Bl Y 8 DF
GARCH(1,1)- N 0. 0000 0.1621 0. 8291 - - -
GARCH(1,1)- T 0. 0000 0.2798 0. 6945 - - 4.2000
GARCH(1,1)- G 0. 0000 0.2563 0. 7099 - - 1. 1706
APARCH(1,1)- N 0.0012 0. 1589 0. 8198 0.0427 0.9047 -
APARCH(1,1)- T 0. 0024 0. 1276 0. 8367 0.0714 0. 6926 4.8075
APARCH(1,1)- G 0. 0000 0.0152 0. 8642 0.0616 3. 3989 1.1623
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3 GARCH(L1)
95% confident level 99% confident level
Sample Distrib PF Mean Std LR PF Mean Std LR
GED 0. 0551 0.0273 0.0150 0. 6676 0. 0096 0. 0442 0. 0242 0. 0221
Partl T 0. 0200 0. 0359 0.0192 30. 482 0. 0032 0. 0623 0.0334 7.9702
Normal 0. 0559 0. 0279 0.0166 0. 8883 0.0184 0. 0393 0. 0234 7.1045
GED 0. 0385 0. 0234 0.0100 0. 3945 0 0. 0378 0.0162 -
Part2 T 0.0154 0. 0309 0.0131 4. 4474 0 0. 0536 0. 0227 -
Normal 0. 0385 0. 0234 0. 0095 0. 3945 0. 0077 0. 0329 0.0133 0. 0760
4 APARCH(1,1)
95% confident level 99% confident level
Sample Distrib PF Mean Std LR PF Mean Std LR
GED 0. 0559 0. 0259 0.0115 0. 8883 0.0112 0. 0420 0.0186 0.1702
Partl T 0. 0272 0.0324 0.0133 16. 375 0. 0048 0. 0545 0. 0225 4.2474
Normal 0. 0487 0. 0263 0.0108 0. 0434 0.0176 0. 0370 0.0152 5.9162
DED 0. 0538 0. 0201 0. 0055 0. 0395 0. 0077 0. 0326 0. 0089 0. 0760
Part2 T 0. 0462 0.0218 0. 0061 0. 0415 0 0. 0367 0.0103 -
Normal 0. 0538 0. 0205 0. 0060 0. 0395 0. 0231 0. 0289 0. 0084 1. 6400
* PF , Mean ,Std ,LR
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VaR- APARCH Model for Risk Measures of Stock Market

CHEN Xue- hua, YANG Hui- yao

(Institute of Quantitative Economics Guangzhou U niversity, Guangzhou 510405, China)

Abstract: Preliminary data analysis shows that the return rates distribution of SSE is fat— tailed and doesn’ t
obey normal distribution and there is“ leverage effect” in Shanghai Stock market. In this paper, we propose an A-
PARCH model with three different distributions assumption to estimate conditional VaR. This model is then
compared with the GARCH model under the corresponding three distributions assumption. U sing back— testing
of historical daily return series we show that the APARCH model yields statistically valid VaR measures and

gives better one— day ahead estimates that the GARCH model.
Key words: Value at Risk; APARCH Model; GARCH model; fat tails; leverage effect



