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Selection of Submunition Missile’s Best Separation Radius
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Abstract: The separation radius of submunition is decided by the manufacture and the condition of shooting. which is the
condition of estimating the damage effect of submunition missile. For the sake of the best striking effect of submunition,
ascertainment of the best separation of submunition is needed. Aimed to the issue of the submunition against runway,
the points of bullets are simulated by using Monte Carlo methods, and the computer simulating calculation of disable
probability of runway (DPR) is carried out. Based on PSO arithmetic, the separation radius of submunition is opti-
mized, and the best DPR is achieved. The simulation results show that, PSO arithmetic can achieve the whole optimiza-
tion or be more close to it more efficiently. Compared with genetic algorithm (GA), PSO has swifter speed of conver-
gence, higher efficiency of calculation for the calculation of submunition missile’s best separation radius.
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