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A Long- Term Trend Forecasting Approach for Qil Price Based on Wavelet Analysis

LIANG Qiang, FAN Ying, WEI Yi ming
(Institute of Policy and M anagement, Chinese A cademy of Sciences, Beijing 100080, China)

Abstract: This paper applies the wavelet method to the oil price long term trend forecasing. By using the func
tion of wavelet multrscale analysi, we propose an approach which can accurately predict the future long-term
trend of oil price according to the oil price time series. T he advantage of the wavelet long term trend forecast ap-
proach is that it can abstract the long-term trend of the oil price accurately and realize the norr linear characteris
tic of the oil price movements. Thus depending on the historical time series of the oil price, we can figure out the
long-term multr step forecast in a long future. The em pirical research is constructed for an one year long-term
trend forecasing of the Brent oil price. By the comparison between the forecast result of this approach with the
those of some other time series prediction approaches such as ARIM A, GARCH, Hol- Winters, we demonstrate
that the predicted power of the wavelet long-term trend forecast approach in the oil price long term trend predic
tion is much better than many other time series forecasting approaches.

Key words: w avelet analysis; oil price; long-term trend; time series; multt step forecast



