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Mean- WCVaR Fuzzy Portfolio Optimization Model of Risk Property Combination

LIU Yan- chun, GAO Chuang
(College of Business A dministration, Liaoning University, Shenyang 110036, China)

Abstract: Based on the mean— variance model framework the essay has established the Mean— WCVaR model

with a worst— case VaR( WCVaR) to replace variance as a risk measurement indicatorl Meanw hile, the logistic

membership function is introduced into the modell The essay regards the maximization of portfolio return and the

minimization of worst— case VaR as its goal and sets up a fuzzy selection model of investment portfolio which is

satisfied with the logistic membershipl It better reflects the value of intent given by the investor to the goal vat

uel A ccording to the actual data of Shanghai Security, we use the genetic algorithm to simulate and test the valid-

ity of the modell
Key words: portfolio optimization; worst— case VaR; fuzzy; genetic algorithm

, /2006 0:

CVaR

Bertrand



