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, (acceleration) ,
(braking) , (horsepower), ( handling) , {W,P,A,G,E, T}, “ ” (worst),
(ride quality) , ( powertrain ) “  ”(poor) ,“ ” (average), “ 7 (good), 7
(fuel economy), , (excellent) “ ” (top)
1
Car 1 Car 2 Car 3 Car 4 Car 5 Car 6
{(P,0.2), {(G,0.5), {(E,0.75), {(A,0.4), {(G,0.5, {(G,0.25)
(A,0.8)) (E,0.5)) (T,0.25)) (G.0.6)) (E,0.5)) (E,0.75))
{(E,0.333), {(G,0.5), {(P,0.75),
(G 10} (T,0. 667) ) (E.0.5)) (A,0.25)) (P 1.0)) ((E.1.0))
{(A,0 4), {(E,0.6), {(A,04), {(E,0.6)
(G,0.6)} (T,0.4)} (G,0.6)} (A 10} (G, 1.0} (T,0.4)}
((E,0.333), {(P,0.533), 1(G,0.462), 1(G,0.385), [(W,0.467), {(A,0.267),
(TO. 667) ) (A, 0. 467)) (E,0.538) (E, 0. 615) ) (P, 0. 533)) (G,0.733))
{(G,0.6), {(A,1.0)} {(A, 0 4), {(G,0.6),
(E,0.4)} (G,0.6)} (G, 1.0} (6. 1.0} (E,0. 4)}
{(A,0 4), {(G,1.0)} {(E,0.06), {(A,0.4), {(G,0.6), {(E,0.6)
(G,0.6)} (T,0.4)} (G,0.6)} (E,0.4)} (T,0.4)}
{(G.1.0)} {(G.1.0)} {(E,1.0)} {(G.1.0)} {(A, 1.0} {(G.1.0)}
, o= 0.08~ 0.459 w= 0~ 0.148 «= 0~ 0. 170,
Car 5> Car 4> Car 1> Car 2; W= 0~ 0. 189, = 0.422~ 0.741, »»= 0~ 0. 384,
(15), ,
(17) 2 2
wi= 0. 26~ 0. 490, W= 0~ 0.223, w3= 0~ 0.273,
w4= 0~ 0.302, 5= 0~ 0.741, we= 0~ 0.607, o= 0. 116~ 0.459, &= 0~ 0.139, w= 0~ 0. 210,
@r= 0~ 0.264 W= O~ 0. 185, 5= 0.425~ 0.646 = 0~ 0. 358,
’ ’ w= 0~ 0. 210
6
s , Car 5> Car 3.
= 0. 038~ 0. 490, ©3= O~ 0.273, @= O~ 0. 195, ’ ’
ws= 0. 283~ 0. 741, wg= 0~ 0.558, w= 0~ 0.22 ,
, Card> Car3.
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An Approach for Customer Requirement Mining and A ttribute
Weight Estimating Based on Evidence Combination

DENG Ming rong', WU Hong mei’
(1. School of Management, Zhejiang University, Hangzhou 310058, China;
2. City College, Zhejiang University, Hangzhou 310015, China)

Abstract: In reality, the weights of attributes(e. g. indices of a product) often depend on the requirement of the

customer. Hency the customer preference information is important for weight identifyiing. Such information

may be not direct expressed as importance attached to attributes, but implied in their preference on a set of given

alternatives. Along with the attribute evaluation, there also maybe exists uncertainty of ignorance. For this kind

of circumstance, an attribute weight estimating method based on mining the latent custom er requirement is pre-

posed. The theory of evidence combination and goal programming is employed in the procedure. An illustration

example is given.

Key words: w eight estimation; evidence combination; goal programming



