(AR B B M IRAAR) AT AT, %3 T &3] A
HEYFIR AL K R IR A A LRE[T], AR E F HHHA,2013(11) :30 - 39.

MAALSMAEE

A HIRBE AR WE 9L 25 1B

B O BERR T OF
(PEBFAEZEFS  Jb% 100142)

(FZ] AR MIBEARBFMEOCIEAT EA5 . 72 PBUOC R IR e 7 s LAl B 5 5 22l OB 5230 23 P B
B« TG 1) S 08 ) 5 28 A IR 7 R0 T 1) S 36 I SCAS 19 5 R U S o 6 0 W A S SRR 6k, 45 ) Y
AT BT BB BE LR < TH] 0] 45 1 U A O ZR A IBCH A LASE T Fp TR B ML &7 >0 07 3% O 3 5 1T foa) I 3Bk ) 5C
AR 14 5 Z3 Al ORI A [ 55 5 22, SR BCEE T 0 26 ML 19 07 ik o 2 1 S R P S R B s 2 20 T i
(K#m] R (FEmE Plase

(5%5] TP391

A Review of Relation Extraction

Huang Xun You Hongliang Yu Yang
( China Defense Science & Technology Information Center, Beijing 100142, China)

[ Abstract] The paper summarizes the research of relation extraction techonology. It firstly gives a brief overview of rela-
tion extraction,and divides the research into two phases: the relation extraction in specific domains and the relation extrac-
tion of Web text. Then,analyzes the major methodologies of the two phases: the relation extraction in specific domains
mainly uses machine learning methods with annotated corpora, while the relation extraction of Web text uses rule — based
methods or distant supervision methods according to different demands.
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