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Review of Recommendation System Based on Linked Data
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[ Abstract] Firstly, this paper introduces the background and the effect of linked data in recommendation system, summari-
zes similarities and differences between the recommendation system based on linked data and the traditional recommendation
system. This is to help readers understand the cause and application background of the recommendation system based on
linked data. Secondly, this paper systematically analyses the main method of recommendation system based on linked data
on basis of the general classification of recommendation system and detailed introduction of concrete application examples.
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