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A new clustering algorithm for user access patterns based on
network virtual environments
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2. Key Lab of Information Security of Network Systems ( Fujian Province University ) ,

3. College of Physics and Information Engineering, Fuzhou University, Fuzhou 350108, China)

Abstract: In order to efficiently implement personalized information services in network virtual environments, a new
clustering algorithm for user access patterns was proposed, which was the MPF, i.e. the fuzzy C-means (FCM) cluste-
ring algorithm based on multi-objects particle swarm optimization ( MOPSO). The MPF could combine the respective
advantages of PSO and FCM. Through the global spatial search of PSO, it could avoid that FCM was susceptible to ini-
tial value, noisy data and easily falling into the local optimum. In order to improve the clustering effect, a particle fit-
ness function was designed based on dual-objectives (intra-class distance and inter-class distance) in PSO. Finally, the
standard data set and simulation data set were applied to verify the effectiveness of this MPF. Experimental results
showed that this algorithm had good performance in clustering precision.
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Fig.1 Topology map of static virtual scenes
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