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The technique of gas disaster information feature extraction
based on rough set theory
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Abstract; In order to accurately predict coal and gas outburst danger and to establish an effective early-warming support
system of gas in coal mine, a high efficient gas disaster feature extraction algorithm based on rough set was proposed in
view of the characteristics of coal mine gas disaster. The algorithm first refined the gas disaster information matrix by
using dimensionality reduction, then the entropy and max entropy in the concept of rough set theory were used to estab-

lish data mining model of gas disaster prediction. The effectiveness and practicality of rough set theory in the prediction

of gas disaster and feature extraction was confirmed through practical application.
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Table 1 The results of index attribution and prediction
after feature extraction

o) FLi ‘ﬁﬁtﬁﬁl iﬂz{?ﬁ WIZ WZ Tjﬁ‘iﬂ'] SQ P
KAy #E M R i K 2K

1 2.58 6.37 6 3.5 6.2 R/
2 0.67 2.78 4 4.5 4.5 fER BB
3 3.16 3.12 5 8.1 12.3 fakx fak
4 1.24 6.65 3 3.9 9.5 REH K%EH
5 0.98 5.44 1 5.3 8.5 Z®H ®H
6 4.28 1.68 4 2.4 2.4 R®/E R
7 3.55 3.28 4 2.8 6.8 A% A%
8 4.53 5.12 2 6.5 4.7 R®E EKH
9 2.55 6.53 6 4.1 6.0 Z®H ®BH
10 0.88 2.56 5 4.8 4.9 G KH

FELABEZ R BE RS AE (TE-M) 150 5236 X G AT
Bk, SLIR A RANE 1 s o & A AR AR RN I 1]
DABARF R FUI S (e AN L Al A, B DX
JEE 114 S 00 s 2415 100 FH Sme A S B EA T 114 T phy 24
ENU/ R

100
90f —— X R R LR
3ok DK IR B I

70F
601
501
40_b-t-=;=y»=*t.-:fx>§='
301
20f
10F

%20 30

REE/C

120 160 200 240 280
) /d
L DXl B2 M 5 e R U5 7 A1 T 2%
Fig.1 The fitting distribution curve of mining temperature
monitoring and maximum entropy
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Fig.2 The error curve of gas monitoring model
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