wark BSH WK K ¥ %R (T % W
JOURNAL OF SHANDONG UNIVERSITY ( ENGINEERING SCIENCE)

Vol.42 No.5

2012 4 10
Oct. 2012

X EHE:1672-3961(2012)05-0035-06

DOI:10. 6040/j. issn. 1672-3961.2012. 05. 007

ETFTEGHLREN Web RRIEEIZIRE

U S

2 1
,EHT

(L A EG R AT ENUR 2 SEORBE, 1095 £/ 2210005
2 E R RFECRPERITRNLAR, 1095 i 222000)

BB AR AR LR RS G, AT AR T FHE U TR, FFE T A TRk Web R 245 & 7248
Tk, EERF ARG I CAIETH, H T R AR, AR REABEAT —ARTF
EARIR G Web R R A5 SAER0 R A2k, FRBRA AT FHAMA kM5 LR EF E 00 T3 4o 5
B T2 1% AT kO RRET RO FHERERHT 5.3%,

KEEIE: Web 3235, R RAZ & RE  FHAK 2048 R

I E 525 TP393 SBRAR SRS A

Research on Web negative information mining based on event ontology
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2. Department of Computers, Lianyungang Teachers’ College, Lianyungang 222000, China)

Abstract: In order to mine the negative information on the internet, the event-based semantic analysis technology was

applied. The methods of event ontology-based Web negative information mining, especially event ontology construction

and text feature reconstitution were studied. Information clustering was used as an example to validate the methods pro-

posed. A prototype system based on event ontology was implemented. Experimental results showed that the average ac-

curacy obtained by the event ontology-based and k-means method was 72. 1% , which increased by 5.3% compared

with the traditional k-means clustering method.
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